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This chapter describes the structure of the scores for indicator ratings of 

videos of classroom observations. It details the construction of 

classroom-level scores and provides information about their statistical 

distributions. The chapter also describes the accuracy and reliability of the 

scores across countries/economies. 
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Structure of teacher-level observation scores - indicators 

In addition to rating video-recorded lessons with the component codes, Global Teaching InSights (results 

from the TALIS Video Study project, and is hereafter cited in this chapter as “the Study” or “GTI”) raters also 

rated each lesson using a set of indicator codes. The indicator codes are grouped roughly into five of the 

six teaching practice domains, as shown in Table 20.1.  There are no indicators for the Assessment of and 

Responses to Student Understanding domain. Unlike the components, which were all rated on a 1 to 

4 scale, the rating scale varies across indicators from 1-2 to 1-9, as indicated by the “Max Rating” column 

in Table 20.1. The indicator rating rubrics are available in Annex B.1.    

Indicators were not designed to be aggregated up to the domain level. They are not the same grain size 

as one another, nor are they on the same scales.  Further, they reasonably might be associated with 

another domain than the domain into which they are grouped.     

In two cases, the original rater codes were recoded into several dichotomous codes. For the three 

classroom technology codes, raters indicated up to three types of classroom technology (from a list of 

eight)1. If only one type of technology was used, then only the first classroom technology variable 

(Class_Tech1) would be filled in and the other two left blank. If no technology was used in the classroom, 

then the first classroom technology variable would be coded with a “9” for no technology used. To facilitate 

summarising the use of classroom technology, these three (nine-point) classroom technology codes were 

recoded into nine dicothomous not-present/present codes:  

Class_Projector, Class_Smartboard, Class_GraphingCalc, Class_NonGrapingCalc, Class_Computer, Cl

ass_TV, Class_Tablet, Class_Cell, Class_NoTech. For instance, if a rater indicated that a teacher used 

both a projector and a computer in a given segment (Class_Tech1=1, Class_Tech2=5, 

Class_Tech3=blank), then Class_Projector and Class_Computer would both equal 2 (present) and the 

other seven classroom technology codes would equal 1 (not present).  Note that if Class_NoTech equals 

2 (present) that indicates that no technology was used.  

This same approach was used for the student technology codes. Raters were only permitted to assign one 

of five types of technology for student use as it was not expected that individual students would use 

classroom communication devices, namely, a projector, smartboard, or TV. Thus, the three original student 

technology codes – Stud_Tech1, Stud_Tech2, and Stud_Tech 3 – were recoded into six dichotomous  

not-present/present student technology codes: Stud-GraphicCalc, Stud-NonGraphicCalc, Stud_Computer, 

Stud_Tablet, Stud_Cell, and Stud-NoTech. 

For all summaries of the indicators, the recoded not-present/present dichotomous classroom and student 

technology variables are used, resulting in 38 indicators of interest. 

Table 20.1. Indicator names, descriptions, rating scale and aggregation method  

Indicator Short Name Description Max 

Rating 

Type of Aggregation 

Method1 

Classroom Management - TimeOnTask Domain 1d. Time on task 4 Basic Average 

Classroom Management - WholeGroup Domain 1e. Activity structure & frequency: Whole 

group 
4 Percent Present 

Classroom Management - SmallGroup Domain 1f. Activity structure & frequency: Small group 4 Percent Present 

Classroom Management - Pairs Domain 1g. Activity structure & frequency: Pairs 4 Percent Present 

Classroom Management - Individual Domain 1h. Activity structure & frequency: Individual 4 Percent Present 

Social-Emotional Support - Persistence Domain 2d. Persistence 4 Percent Present 

Social-Emotional Support - PublicSharing Domain 2e. Requests for public sharing 3 Basic Average 

Discourse - DiscussionOpps Domain 3d. Discussion opportunities 2 Highest Achieved 

Quality of Subject Matter - ExplicitLearningGoals Domain 4d. Explicit learning goals 3 Basic Average 

Quality of Subject Matter - Accuracy Domain 4e. Accuracy 3 Lowest Achieved 
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Indicator Short Name Description Max 

Rating 

Type of Aggregation 

Method1 

Quality of Subject Matter - RealWorldConnections Domain 4f. Real-world connections 3 Highest Achieved 

Quality of Subject Matter - ConnectingTopics Domain 4g. Connecting mathematical topics 3 Highest Achieved 

Quality of Subject Matter - MathSummary Domain 4h. Mathematical summary 3 Highest Achieved 

Quality of Subject Matter - Graphs Domain 4l. Types of representations: Graphs 2 Percent Present 

Quality of Subject Matter - Tables Domain 4m. Types of representations: Tables 2 Percent Present 

Quality of Subject Matter - Drawings Domain 4n. Types of representations: Drawings or  

diagrams 
2 Percent Present 

Quality of Subject Matter - Equations Domain 4o. Types of representations: Equations 2 Percent Present 

Quality of Subject Matter - Objects Domain 4p. Types of representations: Objects 2 Percent Present 

Quality of Subject Matter - OrgProclnstruction Domain 4q. Organisation of procedural instruction 3 Basic Average 

Cognitive Engagement - Metacognition Domain 5d. Metacognition 3 Highest Achieved 

Cognitive Engagement - RepetitiveUse Domain 5e. Repetitive use opportunities 3 Highest Achieved 

Cognitive Engagement - TechForUnderstanding Domain 5f. Technology for understanding 4 Percent Present 

Cognitive Engagement - Class_Tech1 Domain 5g. Classroom technology 1 9 None 

Cognitive Engagement - Class_Tech2 Domain 5h. Classroom technology 2 (if applicable) 9 None 

Cognitive Engagement - Class_Tech3 Domain 5i. Classroom technology 3 (if applicable) 9 None 

Cognitive Engagement - Class_Projector Domain 5x. Class tech - Overhead Projector 2 Percent Present 

Cognitive Engagement - Class_Smartboard Domain 5x. Class tech - Smartboard/projector 2 Percent Present 

Cognitive Engagement - Class_GraphingCalc Domain 5x. Class tech - Graphing Calculator 2 Percent Present 

Cognitive Engagement - Class_NonGraphingCalc Domain 5x. Class tech - Non-graphing calculator 2 Percent Present 

Cognitive Engagement - Class_Computer Domain 5x. Class tech - Computer/laptop 2 Percent Present 

Cognitive Engagement - Class_TV Domain 5x. Class tech - Television 2 Percent Present 

Cognitive Engagement - Class_Tablet Domain 5x. Class tech - Tablet 2 Percent Present 

Cognitive Engagement - Class_Cell Domain 5x. Class tech - Cell phone 2 Percent Present 

Cognitive Engagement - Class_NoTech Domain 5x. Class tech - None 2 Percent Present 

Cognitive Engagement - Stud_Tech1 Domain 5j. Student technology 9 None 

Cognitive Engagement - Stud_Tech2 Domain 5k. Student technology 2 (if applicable) 9 None 

Cognitive Engagement - Stud_Tech3 Domain 5l. Student technology 3 (if applicable) 9 None 

Cognitive Engagement - Stud_GraphingCalc Domain 5x. Student tech - Graphing Calculator 2 Percent Present 

Cognitive Engagement - Stud_NonGraphingCalc Domain 5x. Student tech - Non-graphing calculator 2 Percent Present 

Cognitive Engagement - Stud_Computer Domain 5x. Student tech - Computer/laptop 2 Percent Present 

Cognitive Engagement - Stud_Tablet Domain 5x. Student tech - Tablet 2 Percent Present 

Cognitive Engagement - Stud_Cell Domain 5x. Student tech - Cell phone 2 Percent Present 

Cognitive Engagement - Stud_NoTech Domain 5x. Student tech - None 2 Percent Present 

Cognitive Engagement - SoftwareForLearning Domain 5n. Software use for learning 2 Highest Achieved 

1. Indicators were aggregated to the teacher level in four different ways. The original classroom and student technology variables were not 

aggregated to the teacher level as they were recoded to the separate indicators for each technological device.  

Source: OECD, Global Teaching InSights Database.  

Lesson rating structure   

To reduce cognitive load and to improve rating accuracy, each lesson was divided into eight-minute 

segments for rating indicators. Raters rated all indicator codes for each segment. See Annex B.2 for a 

complete description of the chosen segment length for indicators and details on how lessons were 

segmented when the total lesson length was not a multiple of eight. Table 20.2 provides the summary 

of segments per lesson as well as the number of teachers, schools, videos and raters per 

country/economy.  Given segment times for rating using indicator protocol are half the length of those for 

rating with the component protocol, the mean number of segments was about twice the number as for 

components. 
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Table 20.2. Description of the main study video observation sample using the indicators protocol 

Results based on video observations and raters 

  N Teachers N Schools N Videos1 N Raters2 Number of Segments 

Min Max Mean SD 

B-M-V (Chile) 98 98 196 25 3 11 7.74 2.08 

Colombia 83 83 166 26 3 15 7.90 2.39 

England (UK) 85 78 167 10 3 12 6.78 1.13 

Germany* 50 39 100 11 5 11 8.11 2.44 

K-S-T (Japan) 89 73 177 7 5 7 6.10 0.41 

Madrid (Spain) 85 70 169 11 4 10 5.88 0.85 

Mexico 103 103 206 15 3 15 6.85 2.09 

Shanghai (China) 85 85 170 11 4 9 5.15 0.48 

1. N Videos is the number of main study videos. In some countries, the validity videos were drawn from the pilot and thus the total number of 

videos raters rated was larger. See the rater workoad table in the fielding chapter (Table 14.16).  

2. N raters is the total number of raters who rated any videos for the main study but note that for Colombia one rater only completed a single 

rating.  

Notes: *Germany refers to a convenience sample of volunteer schools. 

B-M-V (Chile) refers to Bíobio, Metropolitana and Valparaíso (Chile). 

K-S-T (Japan) refers to Kumagaya, Shizuoka and Toda (Japan). 

Source: OECD, Global Teaching InSights Database.  

Each lesson was double-rated. In general, the number of ratings per country/economy was equal to double 

the number of videos. England (UK) and Germany*2 each had a single case in which a rater rated two more 

or two fewer segments than the other rater for a video. Given such a large discrepancy in rated 

segments and inconsistency with the number of segments and video length, these two sets of ratings were 

dropped, resulting in only one set of ratings for each of these videos.   

There are a handful of other minor issues with the indicator rating data that were resolved in the data 

cleaning process. First, there were a small number of cases across all the countries/economies for which 

two raters’ number of rated segments differed by one due to rater rounding errors when segmenting the 

lessons3. In these cases, for the rater who rated one more segment, their ratings for their last two segments 

were averaged together so that the total number of segments matched between the two raters. 

For instance, if one rater rated six segments and another rater rated seven for the same lesson, the ratings 

for the sixth and seventh segment for the latter rater were averaged together to become the new sixth 

segment ratings and the seventh segment ratings were dropped.   

Second, given the varying scales across the indicators, raters sometimes erroneously assigned a rating 

that was out of range of the acceptable values for the indicator code. In these rare cases (0 to 24 times out 

of all rater by lesson by segment ratings for each country/economy), the out of range values were recoded 

as missing.    

Lastly, there were some instances in which ratings between similar indicators appear to be logical 

inconsistencies. For instance, there are cases in which the rating for the Technology for Understanding 

(Cognitive Engagement teaching domain) code in a particular segment indicates that technology was 

used, while the Classroom No Technology (Cognitive Engagement teaching domain) code in the same 

segment indicates that no technology was used and vice versa. Given it is impossible to know what led the 

rater to assign inconsistent ratings or which rating is correct, both were retained in all analyses. This can 

be considered measurement error.  
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Segment ratings  

Chapter Annex Tables 20.A.1 - 20.A.8 provide descriptive statistics for the segment ratings for each 

indicator and each country/economy. These tables include the frequency distributions for each scale point 

(1 to 4) and the number of missing values. For several indicators, the ratings were concentrated on a 

single score point. Cases in which more than 90% of the ratings fall at a single score point are identified 

with the “>90% at the mode” column. Thirty-nine to 66 percent of the indicators have such concentrated 

distributions across the countries/economies: Germany* (39%), Mexico (50%), England [UK] (55%), 

Kumagaya, Shizuoka and Toda (Japan) (hereafter “K-S-T [Japan]) (55%), Colombia (63%), Madrid [Spain] 

(66%), Bíobio, Metropolitana and Valparaíso (Chile) (hereafter “B-M-V [Chile]”) (66%), and Shanghai 

[China] (66%). In the majority of these cases, such indicators are dichotomously rated as present/not 

present and the distributions are concentrated at scores of 1, which generally indicates the rater did 

not observe that practice in the lessons.    

The Chapter Annex Tables 20.A.1 – 20.A.8 also provide the mean and standard deviation of the segment 

ratings over all segments, raters, lessons, and teachers with a small number of indicators in each 

country/economy having no variance across ratings. For instance, in four countries/economies (Colombia, 

England [UK], K-S-T [Japan] and Madrid [Spain]) graphing calculators were never used in the classroom, 

resulting in all ratings for “Class_GraphingCalc” to be “1” for not present.   

Variance decomposition   

To explore the sources of variation in the ratings for each indicator, a variance decomposition or 

generalisability theory study (G-study) was conducted for the indicators. Such a study 

involves parceling out the variance in scores and attributing it to different sources. Given that for the 

indicators, each classroom had two lessons video-recorded, which were rated by two raters in 8-minute 

segments, the variance was decomposed into the following six sources:   

1. Classroom – meaningful variation in scores across classrooms  

2. Lesson within classroom – variation in scores due to lessons (nested within classrooms) or the 

extent that aspect of teaching practice varies from one lesson to the next  

3. Segment within lesson within classroom – variation in scores that is due to the 8-minute segments 

(nested within lessons and classrooms) or the extent teaching varies across the time in a lesson.   

4. Rater – variation in scores due to raters or the extent to which some raters are always more 

stringent or lenient than others.   

5. Rater by lesson – variation in scores due to differences in how raters rate specific lessons given 

their overall rater severity   

6. Residual (or error) – error variance not explained by the model.  

The variance decomposition was implemented by fitting a linear mixed model with random effects for each 

of the sources of variance to the segment ratings for each indicator (for each country/economy). It is useful 

to note, however, that it is only meaningful to decompose variance when there is sizable variance to 

decompose. Moreover, there can be model convergence issues when fitting the linear mixed model for 

indicators with very little variance. Accordingly, results of the variance decompositions are not reported for 

the cases where more than 90% of the ratings fall on a single score point. Chapter Annex Tables 20.A.9 – 

20.A.16 provide the variance estimates for each source and the corresponding percentages of variance 

due to each source for each country/economy for those indicators where there is meaningful variance to 

decompose. That is, the indicators for which 90% or less of the ratings are at the mode. The percentages 

of variance due to each source varied by indicator within and across countries/economies.  Generally, the 

largest portions of variance were due to the segment and error. Larger variance due to segment (within 
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lesson within classroom) indicates segment-to-segment differences in the prevalence of practices. 

For instance, across all countries/economies, segments account for 46 to 76% of the variance in ratings 

for the use of the whole group activity structure. This structure likely has higher prevalence (and higher 

ratings) at the beginning and the end lesson and lower prevalence (and lower ratings) for segments in the 

middle of the lesson when other activity structures, like small group, pairs, or individual work, may also be 

used. Larger variance due to error indicates that some other source than those accounted for is contributing 

to variation in the ratings.    

Aggregating scores to the classroom-level  

Indicator ratings are not aggregated across indicators to the domain level. Unlike the components, a basic 

(lesson) average is not always appropriate or the most useful summary of an individual indicator code at 

the classroom level. Each indicator code was aggregated to the classroom level in one of four ways: 

Basic average, percent present, highest achieved, and lowest achieved. The last column of Table 20.1 

indicates the type of aggregation method used for each indicator. Each method is described in turn. 

Basic average   

The basic average followed the same aggregation method as for components:  

1.  Average the two raters’ segment-level ratings for an indicator code for the same segment to obtain 

segment averages.  

2. Average over all the segment averages from step 1 for a single lesson to obtain a lesson average. 

(If a class only has one recorded lesson, use this score as the classroom score.)   

3. Average over the two lesson averages for a teacher to obtain the classroom-level score.   

Four of the 38 indicators are aggregated using the basic average approach. For these indicators, an analyst 

might care what the average level of a particular practice is across a lesson.  For example, the code 

“requests for public sharing” is a measure of the degree to which teachers request students make their 

private thinking public and with what level of detail.  The typical level of student thinking may be related to 

student outcomes and therefore, is of interest.    

Percent present 

The percent present aggregation approach summarises the extent that an indicator code was used. It is 

the average percentage of lesson segments (over raters and lessons) that a code was present or used. 

Specifically, the percent present is found as follows:  

1. For a lesson, count the number of segments a rater did not assign a 1, which indicates “not present”.  

Divide this count by the total number of segments in the lesson to obtain the proportion present for 

a rater for a lesson. Multiply by 100 to transform the proportion to a percent.  

2. Average the two raters’ percentages present (from step 1) for a lesson to obtain the average percent 

present for the lesson. (If a class only has one recorded lesson, use this score as the classroom 

score.)   

3. Average the two lesson averages (from step 2) for a teacher to obtain the average percent present 

for the classroom.  

If a classroom’s average percent present for an indicator code is 50%, then on average, over both lessons 

and raters, the class uses the indicator code half of the time in any given lesson. The percent present 

aggregation method is only appropriate for indicator codes for which a rating of 1 indicates not present and 

all other ratings indicate some degree of use. There are 26 indicator codes aggregated to the classroom 
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level with this approach. Twenty of these 26 codes are dichotomous codes with 1 indicating not present 

and 2 indicating present (i.e. the types of representations codes, the classroom technology codes, and the 

student technology codes), making the percent present method particularly appropriate. In the other five 

cases, the original rating scale is 1 to 4, but the primary interest is in their use or not. These include the 

four activity structure codes (e.g. use of whole groups, small groups, etc), the persistence code, and the 

technology for understanding code. Raters saw very little student persistence (continuing to show effort in 

spite of difficulties and challenge) and use of technology for anything besides communication.  Analytically, 

we were interested in whether and to what degree there was a difference between classrooms that 

exhibited any of these practices and those that did not.  This made the percent present aggregation method 

useful for such analyses. 

Highest achieved 

The highest achieved aggregation approach describes the highest rating a classroom achieved for a lesson 

on average (over raters and lessons) for a particular indicator code. Specifically, the highest achieved 

classroom score is found as follows: 

1. For a lesson and a particular rater, identify the highest assigned rating over all segments.   

2. Average the two raters’ highest achieved lesson scores (from step 1) for the same lesson. (If a 

class only has one recorded lesson, use this score as the classroom score.)  

3. Average the two lesson highest achieved scores (from step 2) for a class to obtain the highest 

achieved score for the classroom.   

If a class’s highest achieved score is 2.5, then, the classroom’s highest average lesson rating over both 

lessons (and raters) is 2.5.  Seven indicator codes are summarised with the highest achieved aggregation 

method, as shown in Table 20.1. All of these codes are for practices that are rarely implemented in 

classrooms and not necessarily expected to be implemented throughout the entire lesson. For example, 

discussion opportunities likely only occur near the end of the lesson and not at the beginning of it.  Thus, it 

is useful to pull out the highest achieved ratings. Otherwise, if basic averages were used, then low ratings 

would likely dominate the averages and there would be little variance in the teacher scores, making it 

difficult to distinguish among teachers who used the practice at all in their lesson and those who never did.   

Lowest achieved 

The lowest achieved aggregation approach is similar to the highest achieved aggregation approach, but 

instead of taking the highest rating for a lesson, the lowest rating is used, as described below:   

1. For a lesson and a particular rater, identify the lowest assigned rating over all segments.   

2. Average the two raters’ lowest achieved lesson scores (from step 1) for the same lesson. (If a 

teacher only has one lesson, use this score as the teacher score.)  

3. Average the two lesson lowest achieved scores (from step 2) for a class to obtain the lowest 

achieved score for the classroom.   

If a class’s lowest achieved score is reported as 1.5, then the classroom’s lowest average lesson rating 

over both lessons (and raters) is 1.5. This aggregation approach is useful for indicator codes that tend to 

receive high ratings for all classes and lessons to be able to better distinguish among classrooms. Only the 

Quality of Subject Matter – Accuracy indicator code was summarised with this aggregation approach.  

Generally, lessons were very accurate and thus they received high ratings on this code across all raters 

and lessons. But it useful to identify teachers who ever had inaccurate moments in their lesson. Thus, the 

lowest achieved aggregation approach is an appropriate and informative summary for this code.   
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Relationships among Indicators   

The indicators are associated with a teaching practice domain, but as previously mentioned they could 

arguably be associated with a different domain than the domain into which they are 

grouped. Accordingly, indicators associated with the same domain may demonstrate weak relationships 

with each other and stronger relationships with indicators associated with other domains. In some 

cases, indicators associated with the same domain are even expected to show negative relationships. 

For instance, the activity structure indicators associated with the Classroom Management domain: If the 

whole group activity structure is used for most of the segments, then it is expected that the percentage of 

lesson segments using whole group would be negatively correlated with the percentage of lesson segments 

using each of the other activity structures.  Indicators are grouped into domains largely for the purpose of 

training raters.  

Chapter Annex Tables 20.A.17 – 20.A.24 provide correlation tables among all 38 indicators aggregated to 

the classroom level (using the aggregation method specified in Table 20.1 for each indicator) for each of 

the eight countries/economies, respectively. In several cases, correlations are near 0, which is likely due, 

in part, to low variation in some of the indicator classroom scores, and in some cases, correlations are not 

defined at all due to no variance in some scores.   

Relationships between indicators and teaching domain scores   

To further explore the association of the classroom aggregated indicator scores with the teaching domains, 

Chapter Annex Tables 20.A.25 – 20.A.32 provide correlations among each of the 38 indicators and 

the three domain scores derived from the components (see Chapter 19)—Classroom Management, 

Social-Emotional Support, and Instruction. For these scores, Discourse, Quality of Subject Matter, 

Cognitive Engagement, and Assessment of and Response to Student Understanding were combined into 

the single domain score of Instruction.  These tables reveal connections between the indicators and the 

domains. For instance, in four countries/economies, the highest correlation with the Classroom 

Management domain score is with time on task (B-M-V [Chile] [0.44], Germany* [0.62], Madrid [Spain] 

[0.36] and Mexico [0.33]). And the classroom indicator score that is the most correlated with the 

Social-Emotional Support domain score is requests for public sharing in four countries/economies 

(B-M-V [Chile] [0.27], Colombia [0.35], England [UK] [0.23] and Shanghai [China] [0.41]). The most strongly 

correlated indicator with the Instruction domain score varies more by country/economy.   

Quality of indicator-observation scores: accuracy and reliability  

As with the components, the quality of the indicator observation scores were evaluated in several 

ways. First, to be able to participate as a main study rater, raters had to participate in the prescribed training 

exercises and pass a certification test. Then raters were evaluated on the accuracy of their 

ratings throughout main study rating with validation and calibration videos that were pre-rated by at least 

two global master raters and reviewed by the International Consortium. Double ratings of all lessons 

allowed for evaluating the consistency of ratings between main study raters. Finally, reliability estimates of 

the aggregated teacher scores were computed using the results of the variance decomposition.   

Accuracy of Ratings with Master Ratings   

Certification, validation, and calibration for indicator ratings were conducted with similar processes as for 

component ratings. See Chapter 19 for details on each of these activities.   
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Description of Rater Quality Monitoring Activities   

Certification for indicators only differed from that of components in that to pass the certification test, which 

consisted of rating two-full-length videos, raters had to have at least 75 percent exact agreement with the 

master ratings over all indicators and segments of the videos and at least 80 percent adjacent agreement 

(agreement within +/- 1 score point of the master ratings). These certification standards, like those for 

components, were selected to fall within or above the range used in and achieved in the largest study of 

mathematics teaching and learning in a single country – the Measures of Effective Teaching project (Bell 

et al., 2014[1]; Kane and Staiger, 2012[2]). As with components, raters had the opportunity to take a second 

certification test if they did not pass on the first attempt. As shown in Table 20.3, the certification rates were 

very high. They were 100% certification rates (on the first attempt) in all but two countries/economies—

Shanghai (China) and Colombia. Shanghai (China) had two raters out of 13 not pass on the first 

attempt, but they only needed 11 raters to complete rating in their planned rating window, so no raters took 

the second certification test. In Colombia, 23 raters certified on the first attempt and six did 

not. Five of those six took the second certification test, and three certified on the second attempt for a total 

of 26 certified raters out of 29 trained. B-M-V (Chile) certified more raters that it needed to complete rating 

in it’s planned rating window, resulting in the only country/economy to have a lower than 100% hire rate. 

No raters dropped out during the Study although some raters rated at a slower pace than expected and 

had some of the videos reassigned.  

Table 20.3. Number of raters trained, certified, hired and dropped out for rating indicators, by 
country/economy 

 

N Trained N Certified % Certified N Hired % Hired N Dropped % Dropped 

B-M-V (Chile) 31 31 100.00% 25 80.65% 0 0.00% 

Colombia 29 26 89.66% 26 100.00% 0 0.00% 

England (UK) 10 10 100.00% 10 100.00% 0 0.00% 

Germany* 11 11 100.00% 11 100.00% 0 0.00% 

K-S-T (Japan) 7 7 100.00% 7 100.00% 0 0.00% 

Madrid (Spain) 11 11 100.00% 11 100.00% 0 0.00% 

Mexico 15 15 100.00% 15 100.00% 0 0.00% 

Shanghai (China) 13 11 84.62% 11 100.00% 0 0.00% 

Note: *Germany refers to a convenience sample of volunteer schools. 

B-M-V (Chile) refers to Bíobio, Metropolitana and Valparaíso (Chile). 

K-S-T (Japan) refers to Kumagaya, Shizuoka and Toda (Japan). 

Source: OECD, Global Teaching Insights Database.  

During main study rating, raters also participated in validation and calibration.   

Raters participated in calibration sessions throughout the rating window in which they rated two 

eight-minute segments of a video and then convened as a group with a global master rater to discuss the 

ratings. Raters knew when they were rating calibration videos, and they received prompt feedback on the 

accuracy of their ratings (i.e. match with the master ratings). Raters participated in calibration on a regular 

basis throughout the rating window, but the extent any particular rater participated depended on the rater’s 

workload and the country/economies’ rating window. The longer a rater was rating, the more sessions the 

rater would attend. Table 20.4 provides information on the number of calibration videos each rater rated; 

raters participated in one to seven calibration sessions across the countries/economies with averages 

ranging from one (Shanghai [China]) to 6 (Madrid [Spain]).   
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Table 20.4. Number of validation and calibration videos per rater for indicators, by country/economy 

    Calibration Validation  

N Raters Mean Min Max Mean Min Max 

B-M-V (Chile) 25 1.96 1 2 2.00 2 2 

Colombia1 26 1.96 1 2 1.12 1 2 

England (UK) 10 2.60 2 3 4.70 2 6 

Germany* 11 5.55 5 6 2.73 2 4 

K-S-T (Japan) 7 4.00 2 6 5.29 4 6 

Madrid (Spain) 11 5.91 4 7 4.00 2 5 

Mexico 15 3.00 3 3 3.33 3 4 

Shanghai (China) 11 1.00 1 1 4.00 4 4 

1. Colombia had 26 main study raters for indicators, and all 26 participated in at least one calibration, but one rater did not complete any validity 

video ratings, resulting in only 25 raters for validation. 

Note: *Germany refers to a convenience sample of volunteer schools. 

B-M-V (Chile) refers to Bíobio, Metropolitana and Valparaíso (Chile). 

K-S-T (Japan) refers to Kumagaya, Shizuoka and Toda (Japan). 

Source: OECD, Global Teaching InSights Database. 

The same set of eight calibration videos were available to all countries/economies, but the number of videos 

used by a country/economy depended on their rating window. Table 20.5 shows the number of raters who 

rated each of the eight calibration videos. For instance, it shows that in Shanghai (China), all 11 raters 

participated in a single calibration session using video 9-826-0005-01-TVA-09052017, while in 

K-S-T (Japan), one to six (of the seven) raters rated each of the eight calibration videos.   

Table 20.5. Number of raters per calibration video for indicators, by country/economy  

Results based on observation rating using the indicators protocol 

Calibration Video B-M-V 

(Chile) 

Colombia England 

(UK) 

Germany* K-S-T 

(Japan) 

Madrid 

(Spain) 

Mexico Shanghai 

(China) 

9-152-0026-01-TVA-16082017-F 0 0 8 9 2 11 15 0 

9-156-0503-01-TVA-03052017 25 26 10 11 5 11 15 0 

9-170-0013-01-TVA-15052017-F 0 0 0 10 4 11 0 0 

9-276-0018-01-TVA-19062017-F 0 0 0 11 1 7 0 0 

9-392-0002-03-TVB-12072017-F 0 0 0 9 6 7 0 0 

9-484-0003-01-TVA-08032017-F 0 0 0 0 2 7 0 0 

9-724-0006-01-TVA-05052017 0 0 0 0 4 0 0 0 

9-826-0005-01-TVA-09052017 24 25 8 11 4 11 15 11 

Total Number of Calibrations 2 2 3 6 8 7 3 1 

Total Number of Raters 25 26 10 11 7 11 15 11 

Mean number of raters/calibration 24.50 25.50 8.67 10.17 3.50 9.29 15.00 11.00 

Note: *Germany refers to a convenience sample of volunteer schools. 

B-M-V (Chile) refers to Bíobio, Metropolitana and Valparaíso (Chile). 

K-S-T (Japan) refers to Kumagaya, Shizuoka and Toda (Japan). 

Source: OECD, Global Teaching InSights Database.  

Raters also participated in validation during the rating window. Validation involved rating validity videos that 

were inserted, unbeknown to the rater, in about every seventh slot in a rater’s queue. Validity videos were 

specific to each country/economy. Each country/economy had six main study and/or pilot 

videos with master ratings applied prior to main study rating. These videos appeared indistinguishable to 

raters from their regular rating assignments (i.e. they were NOT subtitled in English as were certification 

and calibration videos). The number of validity videos any given rater was assigned varied by their 

workload.   
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Table 20.4 provides a summary of the mean, minimum, and maximum number of validity videos rated by 

each rater in a country/economy.  For instance, in Colombia, each rater completed about 1 validity video on 

average, while in K-S-T (Japan), each rater completed about 5 validity videos on average. There is also 

variation within countries/economies. For instance, in England (UK), some raters completed as few as two 

validity videos while others completed as many as six. These variations within and across 

countries/economies resulted from the varying rater workloads within and across 

countries/economies. The number of raters rating each of a country/economy’s six validity videos also 

varied, ranging from four to nine raters for any given validity video.   

Results of rater quality monitoring activities  

Certification, calibration, and validation all involve benchmarking rater performance to master ratings, 

but the similarity in the data degrades with each activity. Certification results in the most comparable 

data across countries/economies as most raters only took a single certification test that was the same 

across all countries/economies. Accordingly, their ratings are being compared to the same set of master 

ratings. The main distinction is the number of raters for whom there is data available. For calibration, there 

is some overlap across countries/ economies with regards to which calibration videos were used, but as 

shown in Table 20.5, there is wide variability in the amount of calibration data and the particular 

videos used. Validation results in the most distinct data as there is no overlap in the validity videos across 

countries/economies. Thus, the difficulty of rating validity videos can vary across countries/economies and 

the set of master ratings to which a rater is being compared against also varies. Accordingly, caution 

should be used when comparing results across countries/economies.  

Table 20.6 provides a summary of the certification, calibration, and validation results for each 

country/economy. The accuracy of the raters’ ratings (i.e. their match to the master ratings) is measured 

with the percentage of exact agreement, percentage of adjacent agreement, and quadratic weighted 

kappa (QWK). The percentage of exact agreement is the extent that raters assigned the exact same rating 

as the master ratings over all segments, lessons, and videos. The percentage of adjacent agreement is 

the extent that the raters assigned ratings within +/- 1 unit from the master ratings. The QWK measures 

the similarity of the rater and master ratings after adjusting for agreement by chance. It ranges from -1 to 

+1 with values closer to +1 indicating higher agreement/accuracy. The statistics are averaged over all 

indicators for the rows where “Indicator Type” is “all”, but given the indicators have varying rating scales, 

they are also averaged over all the indicators separately for each rating scale. The original classroom and 

student technology variables (“Max Score = 9”) are only used for certification because they were 

used when assessing a rater’s performance on the certification test. For calibration and validation, 

these technology variables were replaced with the dichotomous versions, as shown 

in Table 20.1. Accordingly, the number of indicators of each rating type is different for certification than for 

calibration and validation.   

The certification results provided in Table 20.6 are only for the successful attempts on the certification tests 

for the raters so that they reflect the same rater population as calibration and validation. That is, these 

results do not include data for raters who did not certify or first attempts for raters who were successful on 

their second attempt. The one discrepancy of rater populations across the three quality monitoring activities 

was for Colombia where a single rater did not rate any validity videos. The results for validation for 

Colombia are thus based on only 25 raters while those certification and calibration are based on all 

26 raters.   

Generally, the mean percentage exact and adjacent agreement rates meet the certification requirements 

of at least 75 percent exact and 80 percent adjacent across all countries/economies and certification, 

calibration and validation. The results within country/economy across each of the quality monitoring 

activities generally vary within +/- five percentage points of each other, indicating that raters did not diverge 

from their fidelity to the master ratings from the certification test through the rating window.
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Table 20.6. Average rater agreement statistics with master rater for certification, calibration, and validation over all indicators and by indicator 
rating scale 

Results based on video observation ratings using the indicators protocol 

  Indicator 

Type 

Number 

of 

Indicators 

Accuracy 

Statistic  

B-M-V (Chile) 

(N Raters = 25) 

Colombia 

(N Raters = 26)1 

England (UK) 

(N Raters = 10) 

Germany* 

(N Raters = 11) 

K-S-T (Japan) 

(N Raters = 7) 

Madrid (Spain) 

(N Raters = 11) 

Mexico 

(N Raters = 15) 

Shanghai 

(China) 

(N Raters = 11) 

Certification2 All 25 Mean 
Percentage 

Exact 

85% 79% 86% 85% 82% 89% 84% 83% 

Mean 
Percentage 

Adjacent 

97% 95% 97% 97% 95% 98% 96% 97% 

Mean QWK3 0.39 0.30 0.48 0.47 0.33 0.60 0.45 0.41 

Max 
Rating = 

2 

7 Mean 
Percentage 

Exact 

95% 91% 98% 99% 95% 100% 98% 96% 

Mean 
Percentage 

Adjacent 

100% 100% 100% 100% 100% 100% 100% 100% 

Mean QWK3 0.24 0.14 0.57 0.63 0.45 1.00 0.43 0.32 

Max 
Rating = 

3 

9 Mean 
Percentage 

Exact 

78% 69% 77% 74% 74% 81% 75% 74% 

Mean 
Percentage 

Adjacent 

96% 92% 97% 96% 95% 98% 94% 96% 

Mean QWK3 0.35 0.21 0.34 0.33 0.22 0.50 0.35 0.31 

Max 
Rating = 

4 

7 Mean 
Percentage 

Exact 

79% 78% 84% 84% 76% 85% 80% 80% 

Mean 
Percentage 

Adjacent 

95% 94% 97% 95% 91% 95% 95% 96% 

Mean QWK3 0.43 0.43 0.51 0.45 0.31 0.48 0.47 0.46 

Max 
Rating = 

9 

2 Mean 
Percentage 

Exact 

95% 87% 89% 93% 88% 99% 92% 85% 
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  Indicator 

Type 

Number 

of 

Indicators 

Accuracy 

Statistic  

B-M-V (Chile) 

(N Raters = 25) 

Colombia 

(N Raters = 26)1 

England (UK) 

(N Raters = 10) 

Germany* 

(N Raters = 11) 

K-S-T (Japan) 

(N Raters = 7) 

Madrid (Spain) 

(N Raters = 11) 

Mexico 

(N Raters = 15) 

Shanghai 

(China) 

(N Raters = 11) 

Mean 
Percentage 

Adjacent 

97% 91% 92% 97% 95% 99% 95% 96% 

Mean QWK3 0.92 0.78 0.85 0.96 0.77 0.98 0.87 0.91 

Calibration All 38 Mean 
Percentage 

Exact 

88% 88% 90% 90% 89% 91% 90% 91% 

Mean 
Percentage 

Adjacent 

97% 98% 99% 98% 98% 99% 98% 99% 

Mean QWK3 0.25 0.25 0.41 0.50 0.47 0.51 0.42 0.05 

Max 
Rating = 

2 

22 Mean 
Percentage 

Exact 

98% 97% 99% 98% 99% 99% 98% 98% 

Mean 
Percentage 

Adjacent 

100% 100% 100% 100% 100% 100% 100% 100% 

Mean QWK3 0.39 0.45 0.85 0.56 0.53 0.58 0.53 0.16 

Max 
Rating = 

3 

9 Mean 
Percentage 

Exact 

65% 64% 71% 72% 71% 76% 69% 73% 

Mean 
Percentage 

Adjacent 

91% 94% 95% 95% 95% 96% 94% 95% 

Mean QWK3 0.12 0.17 0.22 0.31 0.30 0.35 0.23 0.00 

Max 
Rating = 

4 

7 Mean 
Percentage 

Exact 

88% 87% 88% 89% 81% 87% 91% 93% 

Mean 
Percentage 

Adjacent 

97% 98% 99% 96% 96% 97% 98% 99% 

Mean QWK3 0.28 0.20 0.36 0.67 0.59 0.63 0.61 0.00 

Validation All 38 Mean 
Percentage 

Exact 

91% 91% 88% 89% 89% 91% 89% 90% 

Mean 
Percentage 

Adjacent 

99% 98% 98% 98% 98% 99% 98% 99% 
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  Indicator 

Type 

Number 

of 

Indicators 

Accuracy 

Statistic  

B-M-V (Chile) 

(N Raters = 25) 

Colombia 

(N Raters = 26)1 

England (UK) 

(N Raters = 10) 

Germany* 

(N Raters = 11) 

K-S-T (Japan) 

(N Raters = 7) 

Madrid (Spain) 

(N Raters = 11) 

Mexico 

(N Raters = 15) 

Shanghai 

(China) 

(N Raters = 11) 

Mean QWK3 0.48 0.35 0.37 0.48 0.50 0.49 0.35 0.39 

Max 
Rating = 

2 

22 Mean 
Percentage 

Exact 

98% 98% 96% 96% 97% 99% 97% 99% 

Mean 
Percentage 

Adjacent 

100% 100% 100% 100% 100% 100% 100% 100% 

Mean QWK3 0.48 0.36 0.33 0.43 0.45 0.51 0.19 0.41 

Max 
Rating = 

3 

9 Mean 
Percentage 

Exact 

79% 76% 76% 77% 73% 77% 76% 71% 

Mean 
Percentage 

Adjacent 

98% 97% 97% 97% 95% 97% 95% 95% 

Mean QWK3 0.39 0.34 0.35 0.42 0.38 0.32 0.40 0.21 

Max 
Rating = 

4 

7 Mean 
Percentage 

Exact 

86% 89% 76% 82% 85% 86% 81% 86% 

Mean 
Percentage 

Adjacent 

97% 95% 95% 94% 97% 98% 94% 98% 

Mean QWK3 0.58 0.34 0.46 0.71 0.72 0.71 0.49 0.62 

1. The number of raters for Colombia for validation is only 25 as one rater did not complete any of the valdity samples.  

2. Certification results reflect only the successful certification test attempts for the set of raters who participated in main study rating so that the rater population is constant across the three activities.  

3. Mean QWK is sensitive to the variation in rater and master rater ratings. If there is no variance in both the ratings and master ratings, then QWK is undefined, so the mean QWK may be based on fewer 

indicators in some countries/economies than others, depending on the number of such cases.  

Note: *Germany refers to a convenience sample of volunteer schools. 

B-M-V (Chile) refers to Bíobio, Metropolitana and Valparaíso (Chile). 

K-S-T (Japan) refers to Kumagaya, Shizuoka and Toda (Japan). 

Source: OECD, Global Teaching InSights Database.  
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The mean QWK varies substantially within and between countries/economies. However, this 

statistic is particularly sensitive to the set of available data because it is sensitive to the underlying variation 

in the raters and master ratings. For example, for the seven indicators with maximum score point of 4 for 

calibration, for Mexico, the mean percentage exact agreement was 91% and the mean QWK was 0.61, 

whereas for Shanghai (China), the mean percentage exact agreement was higher at 93%, but its mean 

QWK was 0. Table 20.7 shows that Shanghai (China)’s low mean QWK follows from the fact that for 

the single calibration video Shanghai (China) raters completed (Table 20.5), the master raters had no 

variability in their ratings for any of the seven indicators, as shown by the SD of 0 for the master rater 

column. For instance, for Time on Task, the master raters assigned “4”s to all segments. QWK will either 

be 0 or undefined when the master raters have no variability in their ratings. QWK is undefined if the raters 

also have no variability in their ratings and match the master rater exactly (e.g. all raters also assign all 4’s 

for the Time on Task indicator for all segments), and QWK equals 0 if the raters have some variability in 

their ratings (e.g. there is at least one case in which they do not match the master rater exactly). For three 

of the seven indicators, Shanghai (China) matched the master ratings exactly and thus had undefined 

QWKs, but in the other four cases, they had some discrepancy from the master ratings, resulting in QWKs 

of 0 and an average QWK of 0 even though they match the master ratings in 93% of cases on average 

over all seven indicators. In contrast, Mexico had raters participate in three calibration sessions 

(Table 20.5). Over those three videos, only four of the seven indicators had no variability in master ratings, 

allowing for more chance of non-zero QWKs, as shown in Table 20.7. Mexico’s average is only pulled down 

by a single QWK of 0.   

Table 20.7. Example of sensitivity of QWK to variability of rater and master ratings for indicators 
with max scores of 4 for calibration 

Results based on video observation ratings using the indicators protocol 

  Nraters Indicator Max 

Score 

Number 

of 

Ratings  

SD of 

raters 

SD of 

master 

rater 

Percentage of 

Exact 

Agreement 

Percentage of 

Adjacent 

Agreement 

QWK 

Mexico 15 CM_TimeOnTask 4 90 0.00 0.00 100.0 100.0 a 

Mexico 15 CM_WholeGroup 4 90 0.68 0.69 80.0 98.9 0.75 

Mexico 15 CM_SmallGroup 4 90 0.00 0.00 100.0 100.0 a 

Mexico 15 CM_Pairs 4 90 0.00 0.00 100.0 100.0 a 

Mexico 15 CM_Individual 4 90 0.68 0.69 80.0 98.9 0.75 

Mexico 15 SE_Persistence 4 89 0.73 0.00 83.1 88.8 0.00 

Mexico 15 CE_TechForUnderstanding 4 90 0.50 0.50 96.7 100.0 0.93 

Shanghai 

(China) 
11 CM_TimeOnTask 4 22 0.00 0.00 100.0 100.0 a 

Shanghai 

(China) 

11 CM_WholeGroup 4 22 0.29 0.00 90.9 100.0 0.00 

Shanghai 

(China) 
11 CM_SmallGroup 4 22 0.00 0.00 100.0 100.0 a 

Shanghai 

(China) 

11 CM_Pairs 4 22 0.00 0.00 100.0 100.0 a 

Shanghai 

(China) 

11 CM_Individual 4 22 0.29 0.00 90.9 100.0 0.00 

Shanghai 

(China) 
11 SE_Persistence 4 22 0.57 0.00 72.7 95.5 0.00 

Shanghai 

(China) 

11 CE_TechForUnderstanding 4 22 0.21 0.00 95.5 100.0 0.00 

Note: “a” is used to indicate undefined values.  

Source: OECD, Global Teaching InSights Database. 
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Chapter Annex Tables 20.A.33 – 20.A.40 provide the full set of indicator level results (like those shown in 

Table 20.7) for each country/economy. These tables include agreement statistics for certification over all 

raters and attempts, certification for main study raters only, calibration, and validation.   

Consistency of ratings among raters  

The double rating of each main study video allows for comparing raters to each other. The extent raters 

agree with each other provides a measure of consistency in ratings. The same statistics that were used to 

compare raters to the master ratings can be used to compare raters to each other.  Ideally, raters are 

both accurate – match the master ratings—and consistent—match each other. If raters are much more 

consistent than they are accurate, then raters are agreeing with each other but not with the master 

raters. This may occur, for instance, if raters collectively misinterpret how to rate several 

indicators.  Table 20.8 shows that the agreement rates between raters is very similar to those between 

raters and the master raters. As with the accuracy results, the mean percentage exact agreement rate, 

mean percentage adjacent agreement rate, and mean QWK over all indicators and by each indicator scale 

type are provided in Table 20.8 for comparing ratings between raters. The mean rating intraclass 

correlation coefficient (ICC) is also provided. This statistic is computed directly from the variance 

decomposition output. It is the sum of the variance estimate for segments (within lessons within teachers), 

lessons, and teachers over the total variance. The rating ICC represents the correlation between any two 

randomly selected raters. The QWK is also a measure of the correlation between two randomly selected 

raters, and thus these two quantities are very similar.  

Note that the QWK and the rating ICC, as types of correlations, are sensitive to low variance in ratings, 

often resulting in undefined values (if zero variance) or in values near zero (if little variance) even when 

agreement between raters is very high. QWK exactly equals zero if one of the two raters has no variance 

in their ratings, which can occur fairly easily for indicators that represent rare practices, and it is undefined 

if both raters have no variance in their ratings (i.e. there is zero variance across all segment 

ratings). Moreover, the rating ICC results from the variance decomposition, which was only conducted for 

indicators with meaningful variation due to potentially unstable model fit for such cases. Accordingly, the 

mean QWK and rating ICC reported in Table 20.8 exclude indicators with low variance (more than 90% of 

the ratings are at the mode—a single rating point). The number of indicators used in each mean QWK or 

rating ICC is provided below these values in parentheses in the table. It is clear from the table that the 

majority of the impacted indicators are those that are dichotomously rated. For instance, only 3 to 9 of the 

22 dichotomously rated indicators were included in the mean QWK and rating ICCs across the 

countries/economies. These indicators are generally rated as present (rating of 2) or not present (rating of 

1). There are numerous cases where a code may be never or almost never be observed to be present, 

resulting in zero or near zero variance. For instance, using a cell phone in the classroom as a technological 

tool to help with the lesson was never used in England (UK) and Japan and only recorded as used in 0 to 

2% of all segment ratings in each of the other six countries/economies (e.g. for B-M-V [Chile], only 1 out of 

the 3,036 rater-segment ratings indicated the presence of cell phone use ever). Consequently, for this 

indicator more than 90% of the ratings fall on the rating point of 1 for not present in each country/economy. 

As a result of this zero or near zero variance, the QWK and rating ICC values in most countries/economies 

are undefined or near zero even though inter-rater agreement is 100% or near 100%. 
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Table 20.8. Average rater agreement statistics between raters for double ratings of main study 
videos for indicators 

Results based on video observation ratings using the indicators protocol 

Indicator 

Type 

Number 

of 

Indicators 

Rater 

Agreement 

Statistic  

B-M-V 

(Chile) 

(N 

Raters = 

25) 

Colombia 

(N Raters 

= 26) 

England 

(UK) 

(N Raters 

= 10) 

Germany* 

(N Raters 

= 11) 

K-S-T 

(Japan) 

(N 

Raters = 

7) 

Madrid 

(Spain) 

(N Raters 

= 11) 

Mexico 

(N Raters 

= 15) 

Shanghai 

(China) 

(N Raters 

= 11) 

All 38 Mean 
Percentage 

Exact 

91% 90% 88% 88% 89% 91% 89% 89% 

Mean 
Percentage 

Adjacent 

98% 98% 99% 98% 98% 99% 98% 98% 

Mean QWK1  

(N Indicators) 

0.61  

(13) 

0.63 

(14) 

0.54 

(17) 

0.62 

(23) 

0.50 

(17) 

0.65 

(13) 

0.60 

(19) 

0.45 

(13) 

Mean Rating 

ICC1 

(N Indicators) 

0.62 

(13) 

0.63 

(14) 

0.55 

(17) 

0.62 

(23) 

0.50 

(17) 

0.65 

(13) 

0.60 

(19) 

0.45 

(13) 

Max 
Rating = 

2 

22 Mean 
Percentage 

Exact 

97% 97% 95% 95% 98% 98% 95% 98% 

Mean 
Percentage 

Adjacent 

100% 100% 100% 100% 100% 100% 100% 100% 

Mean QWK1 

(N Indicators) 

0.84 

(3) 

0.81 

(4) 

0.59 

(7) 

0.69 

(9) 

0.61 

(3) 

0.88 

(3) 

0.65 

(7) 

0.66 

(3) 

Mean Rating 

ICC1 

(N Indicators) 

0.85 

(3) 

0.81 

(4) 

0.59 

(7) 

0.69 

(9) 

0.61 

(3) 

0.88 

(3) 

0.66 

(7) 

0.66 

(3) 

Max 
Rating = 

3 

9 Mean 
Percentage 

Exact 

80% 77% 78% 75% 74% 79% 77% 69% 

Mean 
Percentage 

Adjacent 

96% 96% 97% 96% 96% 96% 94% 91% 

Mean QWK1 

(N Indicators) 

0.42 

(5) 

0.38 

(4) 

0.50 

(4) 

0.46 

(7) 

0.41 

(8) 

0.42 

(5) 

0.47 

(6) 

0.20 

(6) 

Mean Rating 

ICC1 

(N Indicators) 

0.43 

(5) 

0.37 

(4) 

0.51 

(4) 

0.47 

(7) 

0.40 

(8) 

0.42 

(5) 

0.47 

(6) 

0.23 

(6) 

Max 
Rating = 

4 

7 Mean 
Percentage 

Exact 

84% 86% 77% 84% 79% 85% 83% 87% 

Mean 
Percentage 

Adjacent 

96% 97% 96% 94% 97% 97% 95% 98% 

Mean QWK1 

(N Indicators) 

0.67 

(5) 

0.68 

(6) 

0.50 

(6) 

0.70 

(7) 

0.57 

(6) 

0.75 

(5) 

0.67 

(6) 

0.66 

(4) 

Mean Rating 

ICC1 

(N Indicators) 

0.67 

(5) 

0.69 

(6) 

0.52 

(6) 

0.70 

(7) 

0.57 

(6) 

0.74 

(5) 

0.67 

(6) 

0.63 

(4) 

1. The mean QWK and rating ICCs are only averaged over the indicators with meaningful variation. Indicators with low variation (>90% of the 

ratings are at a single point) are excluded from these means as QWK and rating ICC are sensitive to low variance in ratings, often resulting in 

near 0 values even when agreement between raters is very high. 

Note: *Germany refers to a convenience sample of volunteer schools. 
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B-M-V (Chile) refers to Bíobio, Metropolitana and Valparaíso (Chile). 

K-S-T (Japan) refers to Kumagaya, Shizuoka and Toda (Japan). 

Source: OECD, Global Teaching InSights Database 

The last set of columns in Chapter Annex Tables 20.A.1 – 20.A.8 provide the indicator-level rater 

agreement statistics on which the mean values in Table 20.8 are based.  To obtain the QWK for any given 

indicator, one rater within each pair of raters for a video is randomly labeled “rater 1” and the other “rater 

2”. Then nominal rater 1 and nominal rater 2’s ratings are compared against each other. 

Reliability of classroom-level scores   

A reliability estimate for the classroom-level scores can be computed from the results of the variance 

decompositions. The last column of Chapter Annex Tables 20.A.9 – 20.A.16 provides the reliability 

estimates (for those indicators with meaningful variation). For indicators that were aggregated with the 

Basic Average approach, the reliability estimates were found exactly as they were for components 

(see Chapter 19), which also uses the basic average approach. The reliability estimates for the 

dichotomously-rated indicators that were aggregated with the Percent Present approach can also use the 

same approach as for components. This follows because the percent present approach is the same as the 

basic average approach—averaging over raters, segments, and lessons—when the ratings are coded as 

0 (not present) and 1 (present). That is, finding the proportion of times a rating indicates the code is 

present as is done in the percent present approach is the same as averaging the 0 and 1 

codes4. Accordingly, for the non-dichotomously rated indicators aggregated with the Percent Present 

approach, the reliability estimates were based on a second variance decomposition that was 

conducted after dichotomising the ratings (i.e. recoding all ratings of 1 as 0 and recoding all ratings of 2, 3, 

and 4, as ratings of 1).  Results for these additional variance decompositions for relevant indicators are 

also provided in Chapter Annex Tables 20.A.9 – 20.A.16. 

For the highest/lowest achieved indicators, the reliability estimate computed using the equation presented 

in Chapter 19 for video components must be modified because taking the highest/lowest achieved no 

longer involves averaging over all segment ratings. Thus, the terms for rater by lesson (within classroom) 

and segment (within lesson within classroom) drop out of the denominator. The reliability estimate for these 

types of indicators is then:   

 
𝜌𝑐 =

Var(𝑐)

Var(𝑐) +𝑊𝑟Var(𝑟) +𝑊𝑙Var(𝑙: 𝑐) +𝑊𝑒Var(error)
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where c denotes classroom, r denotes rater, l denotes lesson, and e denotes error. As noted for 

components, the reliability estimate tracks the between-classroom variability. When the variance due to 

classroom is 0, the reliability estimate will also be 0. The reliability estimates vary from 0 to 0.90. There are 

16 indicators across all countries/economies with reliability estimates greater than or equal to 0.75 with 

15 of them being for three particular indicators: Classroom Technology – No Technology Use, Classroom 

Technology – Smartboard, and Technology for Understanding. For each of these three indicators, the same 

five countries/economies (Colombia, Germany*, Madrid [Spain], Mexico, and Shanghai [China]) have the 

highest reliability estimates.  
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Notes

1 The possible ratings for the classroom technology variables are: 1=projector, 2=smartboard, 3=graphing 

calculator, 4=non-graphing calculator, 5=computer, 6= television, 7=tablet, 8 = cell phone, 9 = no 

technology. 

2 Germany* refers to a convenience sample of volunteer schools. 

3 There was a total of 23 such cases over all countries/economies: England (UK) = 1, Mexico = 1, 

B-M-V (Chile) = 2, Germany* = 5, Madrid = 7 and Shanghai (China) = 7. 

4 The dichotomously-rated indicators are coded 1 (not present) and 2 (present), but because changing 

those codes to 0 (not present) and 1 (present) involves a linear transformation (i.e. subtracting 1), the 

variance decomposition results will not change if the ratings are recoded from 1-2 to 0-1. 
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