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The primary topic is the pattern of adjustment that UI users exhibit over a multiple claim 

horizon.  Our secondary objective is to investigate a behavioural channel that might potentially 

underlie observed adjustment effects, namely individual learning effects.  We track and analyze 

how specific facets of a UI claim evolve through the filing of repeated claims.  We estimate an 

econometric model of how certain features of their claims change as they gain experience 

accessing the regime.  We find strong empirical patterns suggesting that there does appear to be 

some sort of an adjustment process.   We uncover evidence in favour of the existence of individual 

learning effects. 
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1.  Introduction 
 

The passage of the Unemployment Insurance Act Canada in 1971 greatly loosened 

eligibility requirements such that the program assumed the added function of maintaining income 

of seasonal, part-year workers during their off-seasons on a recurrent basis.  It is widely believed 

that these changes generated economic incentives encouraging dependence.1 The incidence of 

frequent use of UI benefits – typically defined as filing 3 or more claims within a 5-year window – 

has been quite prevalent since the late 1970s.  A series of empirical studies,2 policy discussion 

papers (e.g. Nakamura and Diewert, 1997, 2000), and governmental commission reports (e.g. 

Green Paper (HRDC, 1994)) have dealt with various aspects of frequent use.  Research for the 

United States indicates that the frequent use of UI is not solely a Canadian phenomenon (McCall, 

2000, Meyer and Rosenbaum, 1996).   

The phenomenon of dependence on any social insurance program invokes a number of 

economic questions, such as how the actors adjust their choices to the incentive structure.  The 

adjustment process for the individual’s optimal response might occur over a multiple-claim or a 

multiple-year time horizon.  Two related yet more specific questions are whether actors learn 

information relevant to their choices over a series of claims, and how they might apply this 

information.  Given the complexity of Canada’s UI regulations and the concomitant labour market 

features, these informational elements could play an important role in accessing the regime and 

obtaining greater benefits from it.   

Most of the articles in the existing literature on the incidence of UI benefits model the 

discrete, binary outcome of whether or not an individual receives any UI benefits over a given 

year.3  Using the same Canadian data source that we employ (but over an earlier period), Lemieux 

and Macleod model the likelihood that a worker draws UI benefits during a given year conditional 



 2

on the event of prior UI use.  They conclude that the affected workers exhibited lagged adjustment 

patterns in finding their desired response to a new structure of incentives (stemming from the 1971 

UI Act), which they characterize as positive occurrence dependence. 

In the papers cited above, there is typically no use of information regarding the features of 

the claim, nor on whether the use patterns evolve with repeat use.  A UI claim has multiple 

attributes, such as the length of the benefit period, the length of the qualifying employment period, 

the replacement ratio, and the calculation of the earnings base from which the benefit amount is 

determined.  Canada’s intricate UI system contains some provisions that are primarily and 

deliberately targeted at frequent users.  For this group, desired or optimal use of the UI regime 

could involve a trial-and-error process evolving over several claims, as workers and firms 

incorporate the provisions and regulations into their employment (or hiring/separation) activities 

and tailor their claims accordingly.   

The primary topic of this paper is the pattern of adjustment that might occur over a multiple 

claim horizon as users accumulate experience in accessing the regime.  Our secondary objective is 

to investigate one behavioural channel that might potentially underlie observed adjustment effects, 

namely individual learning effects.  Lemieux and Macleod posit that individual learning effects 

contribute to the empirical pattern that they discern.  In the event that the worker is initially 

exposed to the UI system through an unanticipated layoff, he/she learns about how to access the 

system upon filing a claim for the first time, and subsequently gains an appreciation of its 

provisions that can be applied to future use.   

To our knowledge this is the first paper for any country to track and analyse how specific 

facets of a UI claim evolve through the filing of repeated claims.  We exploit an administrative 

data base containing longitudinal information on worker s’ UI claims histories between 1980 and 
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2003.  We estimate an econometric model of how certain features of their claims change as they 

gain experience accessing the regime.  We find strong empirical patterns suggesting that over the 

span of the first five claims that a worker has filed, there does appear to be some sort of an 

adjustment process as several attributes of these claims evolve monotonically.  We also devise 

strategies aimed at discerning individual learning effects that might underlie (along with other 

determinants) these empirical adjustment patterns.  After taking account of compositional effects 

and unobserved attributes, we uncover evidence in favour of the existence of individual learning 

effects.   

 

2.  Adjustment Patterns and Learning Effects  

Our focus is on within-worker variation in UI claims histories.  We first search for the 

empirical regularities in claims outcomes according to the number of claims that have been filed 

previously.  The null hypothesis is that there are no such patterns.  Consider a neo-classical labour 

market in which the UI regime has a neutral structure: i.e. no impact on employment patterns.  In 

the absence of disincentive effects, hiring choices occur only when the offered wage is at least as 

high as the reservation wage and no higher than the worker’s marginal revenue product.  

Separations occur only when the wage is at least as high as the reservation wage and no higher 

than the worker’s marginal revenue product.  In this scenario, there should be no evidence of 

behaviour associated with ‘gaming the UI system’.  The variables of employment start-dates, end-

dates, and wages, which determine the length of qualifying periods, the length of benefit periods, 

and the benefit amounts, should not exhibit any statistical pattern.  After controlling for factors 

such as changes in labour market conditions, human capital characteristics, demographics, and the 
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parameters of the UI system, there should be no empirical regularities in claims outcomes as the 

worker files subsequent claims.   

 In opposition to that perspective, the central theme of this paper is that UI users do tend to 

adapt their claims (as well as the concomitant employment patterns) along several dimensions as 

they gain experience in accessing the regime.  We investigate the proposition that through repeated 

interactions, there is a progressive ‘tailoring’ of UI claims toward a more valuable configuration.  

Our definition of a desired, or quasi-optimal claim, is multi-dimensional and hedonic.  For 

example, holding other features of a claim constant, we conjecture that shorter qualifying 

employments spells are preferred to longer ones, and that longer benefit entitlement periods are 

preferred to shorter ones.     

 Such an adjustment process could be generated by a number of underlying behavioural 

mechanisms, of which learning effects is one possibility.  The literature on learning effects makes 

a distinction between individual effects, in which a worker learns autonomously through his or her 

own experience, and social effects, in which he/she learns through interactive, observational 

learning and/or adaptation of social mores, but these two channels are not mutually exclusive.4  We 

deal with learning effects at the individual level - a potential ‘learning by doing’ process.  The 

information to be transmitted would concern all of the provisions and regulations of the UI regime 

as well as specific features of the local labour market (i.e. recruitment and hiring practices, 

contacts and referrals, layoff procedures, queuing for jobs).  Also of importance is the knowledge 

of how to apply such information in order to tailor employment activity (i.e. the start-dates and 

end-dates of jobs, weekly hours of work, the spacing of interruptions and absences) accordingly, 

possibly in conjunction with employers.  It is plausible that claimants will not learn all of this 

information upon filing their first claim.  This is particularly true for the case of frequent users, as 
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there are a number of UI provisions and regulations that tend to be utilized primarily by them.5  As 

stated by de Raaf et al. (2004) in their treatise on the UI system:     

Lesson #1:  Those who claim EI the most know how to benefit the most from its 
rules…claimants are often required to navigate through a myriad of rules to determine their 
eligibility and entitlement and consider what impact any work they choose to accept - whether on 
claim or off – will have on their paid benefits. (p. 7)   
   

3.   Description of Relevant Features of Canada’s UI system 

 It is a common view that the lattice of parameters and the provisions of Canada’s UI 

system engender a wide margin for ‘gaming the system’, as workers, often in collaboration with 

employers, tailor hires and separations to the incentive structure in order to ensure eligibility and 

then to maximize receipt of benefits.  The shorter qualifying periods and longer benefit-entitlement 

periods that prevail in high unemployment areas are purposefully designed to accommodate 

workers engaged in seasonal, fragmented, and part-year employment patterns.  It has been 

demonstrated empirically that the regional variations in the entry requirement and benefit duration 

periods shape employment patterns in certain segments of the labour market.6  Employing both 

theoretical and empirical analysis, Green and Riddell (1995,1997) and Green and Sargent (1998) 

investigate the behavioural implications that stem from these two provisions.  For frequent and/or 

seasonal claimants, they determine that the implicit contract approach is the most empirically 

valid, implying that they have a strong incentive to work long enough to meet the minimum 

qualification requirements, and a lower (yet still positive) incentive to work marginal weeks 

beyond that point.  The second implication is that many of them have a strong incentive to ‘max 

out the year’, which means working enough qualifying weeks in order to gain sufficient benefit 

entitlement such that the entire annual cycle is covered with either working weeks or UI-benefit 

weeks.  After that ‘max-year’ point has been reached, however, the remaining benefit entitlement 
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period extends beyond the expected start of the next working season, so any additional week of 

work during the qualifying period reduces the number of usable UI benefit weeks one-for-one.  

The high shadow price of additional weeks of work after the ‘max-year’ point reduces the 

incentive to work it.  

 A lesser-known (yet qualitatively and quantitatively important) phenomenon is the effect of 

two other program provisions, namely the ‘allowable earnings’ and the ‘renewal’ clauses, on 

claims patterns.  As explained in Gray and de Raaf (2002) and Gray (2006a), it is a common 

practice for claimants to accept brief, interim work while on claim status.  During this phase, they 

may earn up to the level of ‘allowable earnings’ without having any of their benefit clawed back.  

Claimants who accept these very short-term jobs typically suspend their claim entirely for that 

week.  When the interim employment spell ends, the ‘renewal provision’ allows them to resume 

their claim without losing any of their remaining benefit entitlement, thus effectively postponing 

the date of exhaustion.  As an added advantage, any working activity occurring during the claim 

counts as ‘insurable earnings’ towards qualification for a subsequent claim.  These two provisions 

give a high degree of flexibility to workers who have alternating spells of employment and UI 

receipt.  With this fragmented yet fluid employment pattern, the total income received can be 

increased substantially compared to the case of an annual cycle composed of one continuous 

working period followed by one uninterrupted UI claim period.7  The arrangement can also be very 

beneficial for employers, who have an on-call, contingent labour force available that they can lay 

off and recall with great flexibility.   

  For this purposes of this paper, three propositions are drawn from that conceptual 

framework.  First, the UI system provides an incentive for seasonal users in particular to work the 

minimum number of weeks that are required to qualify for UI.  After that point has been reached, 
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the rate of return (in terms of additional entitlement) to working additional weeks diminishes.  One 

would expect to observe a cluster of employment spells ending shortly beyond the point of the 

minimum entrance requirement, and some tendency for claimants to attempt to shorten 

employment spells that surpass that point.  Second, one would expect to observe a cluster of 

employment spells ending shortly beyond the ‘max-year’ point, and some tendency for claimants 

to attempt to shorten employment spells that surpass that point.  Third, for claimants receiving 

offers for interim work during their UI benefit periods, there is an incentive to suspend ongoing 

claims and report weeks during which no benefits are received.    

 

4.  Description of the Data Set   

The longitudinal feature of the data set allows for the observation of multiple claims for an 

individual. There is detailed quantitative information on the attributes of these claims such that one 

can trace the evolution of these values over a sequence of claims.  From the administrative data 

bases of Human Resources and Skills Development Canada, our source is the Status Vector Data 

File (STVC).  We randomly select a sample of 100,000 individuals who experienced a claim over 

the period from 1985 to 2003.  After that initial selection, all UI claims filed by that subject 

between 1980 and 2003 are collected into the working sample, which generates a total of 426,082 

claims involving either regular benefits or fishing benefits.  Each record for a claim contained in 

the STVC file is linked to the record(s) containing the employment activity upon which 

qualification is based (drawn from the Record of Employment (ROE)).  The estimating sample is 

restricted to those aged between 18 and 65 years at the time of the claim.  The resulting data set 

comprises 96,413 individuals with a total of 330,995 claims from which many variables are 

derived.8  Our data set has the advantage of covering two complete business cycles.  
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 The share of men is 56 % (accounting for 59 % of the observations for claims), while 

women’s share is 44 % (accounting for 41 % of the observations).  The average age of the 

claimants at the time of their first claim is 31.6 years, and the median is 27 years; 28 % of the 

subjects are aged 22 or below, and 76 % are younger than 40.  Weighting the observations by the 

number of claims, the average age of the claimants at the time of their claims is 35.5 years, and the 

median is 33 years.  Our sample of UI users thus tends to be somewhat younger than the labour 

force as a whole.  The distribution of person-claim observations is somewhat uniform over the 

interval: between 3 to 6 % of the observation each year (1980-1981 excepted).  Most of the 

subjects filed their first claim fairly early in our interval: 25 % of them between 1980 and 1983, 

52.3 % of them between 1980 and 1988, and 75 % of them before 1994.  On average, each 

individual filed 3.73 claims between 1980 and 2003.  Of the 96,413 individuals, 27 % filed only 1 

claim over that period, while 8.3 % had 2 claims, 13.2 % had 3 claims, 9.1 % had 4 claims, and 

32.4 % filed 5 or more claims.   Note that there is great variation among the subjects in the number 

of years during which they could potentially file a claim.   

 

5.  Empirical Analysis    

5.1 Outcome measures and Cross-tabulations 

We deal with three outcomes pertaining to UI claims (mentioned in section III) that are 

associated primarily with repeat use.  The basic empirical approach is to link indicators for these 

outcomes to the sequence of the claims that were filed.  The three variables for different facets of 

UI claims are the following. 

1. The number of weeks of insurable earnings beyond the minimum qualification 

requirement. (EXTRAWEEKS)  Some frequent claimants may have an interest in 



 9

lowering this quantity, provided that they have attained a sufficient number to qualify for 

benefits. 

2. The number of weeks of unused UI benefit entitlement (SLACKWEEKS) This measure 

refers to the number of benefit weeks to which the worker is entitled in excess of the 

number of weeks remaining before the start of the next working season.  A zero value 

means that the individual has exactly the number of benefit weeks that are required to cover 

his/her jobless weeks before the start of the next working season, i.e. the claimant has 

reached the ‘max-year’ point.  A positive value indicates slackness; there is excess benefit 

entitlement that will not be received.  Claimants have an interest in minimizing the value of 

SLACKWEEKS.  About one quarter of our sample has negative value, which indicates an 

outcome that is labelled a ‘gap’ in UI program jargon.  These are weeks (after the point of 

benefit exhaustion yet before the start of the next working season) during which no income 

from any source is received.   This case raises data issues that we address in the appendix. 

3. The number of active-claim weeks of zero benefit. (WEEKSZERO)  Frequent claimants 

often have an interest in working while suspending their UI claim, which typically involves 

benefit entitlement weeks which are postponed for redemption.  There is therefore an 

incentive to increase values of this variable (which does not include the obligatory two-

week waiting period).  

 Some descriptive statistics are presented in table 1.  The distributions for most of them are 

skewed, which is consistent with findings elsewhere that UI use patterns tend to be very 

heterogeneous across subjects.  This is reflected in the high coefficients of variation and in the 

histograms (not shown) for distribution of these variables.9   
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 We next calculate the cross-tabulated means of these three indicators according to the 

number of claims that the individual has filed previously.  The measure of prior exposure, labelled 

the claim sequence number (CSN), assumes a value of unity for the first claim, and ranges from 1 

to 10 within our sample.10  The results are presented in the panel A of table 2.  For 

EXTRAWEEKS they are as expected:  there is a monotonic, decreasing relationship with CSN, 

implying that as the claimant gains experience with the UI regime, on average there is a tendency 

to reduce the number of work weeks exceeding the minimum entry requirements.  These findings 

could be spurious, however, for two reasons.  First, due to the nature of their employment patterns, 

repeat claimants or seasonal workers tend to have much shorter employment spells.  The fact that 

lower values for EXTRAWEEKS are observed for those with more claims could partially reflect 

a mechanical effect.  Second, there is a compositional issue that we address presently.   

 For SLACKWEEKS the results are also as expected:  there is a monotonic, decreasing 

relationship with CSN, implying that as additional claims are filed, there is a tendency to reduce 

the number of slack weeks of UI benefits.  In a graphic (not shown) for seasonal workers, we 

discern significant spikes for EXTRAWEEKS at the point of minimal qualification requirements 

and for SLACKWEEKS at the ‘max-year’ point.  These findings are consistent with those 

reported by Green and Sargent (1998), which are based on a different data source.   

 For WEEKSZERO, the results are also as expected:  there is a monotonic, increasing 

relationship with CSN, implying that there is a tendency to increase the number of weeks of active 

claim status during which no benefits are received.  Although the results are presented only for the 

entire sample, for all three of these UI claims outcome measures, the patterns are similar when 

men and women are examined separately.    
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 While the figures discussed above indicate the existence of strong patterns associated with 

the CSN indicator, they also reflect compositional effects.  By construction any individual that is 

observed to have a high value for CSN must necessarily have had considerable exposure to the UI 

system and is thus a heavy user, while many of the individuals with values of 1 or 2 are light users.  

The sample upon which the figures for the first few rows of panel A of Table 2 are based reflect a 

mix of first-time users, occasional users, and frequent users.  Thus a comparison of numbers down 

a column confounds the difference in behaviour across claims within a given individual (which is 

our focus) with ‘between’ effects.  To address that problem, the analysis is carried out with a 

sample that is restricted to heavy UI users, namely those individuals having 10 or more claims over 

the entire period.11  By construction this sample is constant as one stratifies across claim sequence 

numbers (up to the eleventh claim).  Any empirical patterns that are discerned can be attributed to 

within-individual effects, while the degree of exposure to the UI system varies down the column.  

These figures, presented in panel B of Table 2, have the same general pattern for WEEKSZERO, 

except that for the measures of EXTRAWEEKS and SLACKWEEKS, there appears to be an 

immediate levelling off after the first claim, instead of the gradually decreasing relationship that 

was found for the full sample.   We carried out the same calculations based on a lower threshold 

for the number of claims (8 or more) and obtained similar results.  

 5.2  Empirical Strategy For Discerning Adjustment Effects 

 In this sub-section we address the following question.  Is there evidence of increasingly 

sophisticated tailoring of use of UI benefits with more experience – do users claim several times 

before they appear to ‘get it right’?  Our null hypothesis is that there is no systematic pattern as 

workers file additional claims.  If empirical regularities are discerned, at this stage we posit that 

they are associated with labour market frictions of some unspecified nature that hinder users from 
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attaining a quasi-optimal claim the first time that they file.   

 There is a separate regression equation for each of those three UI outcome measures, which 

serve as the dependent variables.  We focus on the estimated coefficients of the claim sequence 

number taking into account the effects of control variables.  For each of these outcome variables, 

we investigate whether there is a pattern for claims attributes to evolve as additional claims are 

filed.  All equations were estimated separately for men and women, but since the results were 

quantitatively similar, only the pooled male-female results are presented and discussed here.12 

 The key exogenous variable CSN is parametrized by a set of binary variables for the first, 

second, third, fourth, and fifth claim filed, with the last one serving as the omitted category 

(CLAIM1, CLAIM2, CLAIM3, CLAIM4, CLAIM5).  This flexible specification allows for 

non-linear patterns in the form of a step function, and the resulting vector of point estimates is 

labelled the claims profile.  One might expect any adjustment process to occur primarily over the 

first four claims, and we search for an uneven but generally monotonic pattern as individuals 

approach a more desirable value for that claim attribute.   

 These claim sequence variables pose some endogeneity issues because they differentiate 

mechanically between the frequent users and the occasional users.  This is relevant for the 

dependent variables, as frequent users have a greater inherent disposition to make use of the 

provisions that are associated with them.  The CSN variables capture not only effects within 

individuals – which are what we seek to discern - but also compositional effects, which we would 

expect to lead to over-estimation of the adjustment effects.  Furthermore, there is another 

potentially mechanical effect at work; workers with multiple spells within a given sampling 

window must by definition have spells that come closer to reaching optimal lengths.   

 We consider several strategies for dealing with this issue.  It is not appropriate to divide the 
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estimating sample according to frequent versus non-frequent users, as that is a choice that is 

endogenous to decisions about the use of UI.  It is difficult, particularly with administrative data, to 

find instruments that would be correlated with whether or not the worker is a frequent user, but 

would be independent of the dependent variables.  Nevertheless, we do include exogenous 

variables that should at least partially control for heterogeneity in UI use patterns.  There is a 

disaggregated set of controls for the generosity of UI program parameters.  There is also the set of 

industrial indicators to take partial account of the fact that a disproportionate number of repeat UI 

claimants work in certain industries.  Our final safeguard for dealing with heterogeneity is the 

inclusion of fixed effects for each individual.  This approach conditions out all forms of individual, 

time-invariant heterogeneity which can reflect factors such as the type of inherent UI user the 

worker is, membership in a cohort, age at time of first claim, idiosyncratic employment patterns, 

and firm characteristics (if he/she returns to the same firm).  After netting out the fixed effects, an 

overall correlation that is mechanical in nature would still tend to generate shorter spells on 

average.  On the other hand, a regular empirical pattern for the sequence of spells, which is what 

we discern from our estimates, would not reflect mechanical effects. 

 The control variables include indicators for age, province, UI program generosity, sector of 

the economy, calendar year, and the local unemployment rate.  The effect of age is captured by a 

series of eight binary variables.13  Each province has its own binary variable, with Ontario serving 

as the omitted category.  The omitted category for the industry indicators is manufacturing.14  

Year-specific effects are modelled as binary variables for each year from 1980 until 2003 (1997 is  

the omitted category) which are designed to capture global effects, such as changes in aggregate 

labour market conditions and in the composition of the labour force.   

 The UI program generosity effects are specified as a set of 12 binary variables that each 
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correspond to a bracket along the continuum of values for the official unemployment rate 

prevailing in each UI administrative region during the reference year.15  There is a one-to-one 

correspondence between the two most important parameters that determine the generosity of the 

benefits - the maximum length of the benefit entitlement period and the minimum number of 

qualifying weeks of works required - and the bracket for the regional unemployment rates.  The 

higher the unemployment rate, the more generous the provisions.  These controls will reflect any 

mechanical changes in benefit generosity arising from changing regional unemployment rates.  

The omitted category is the bracket for the highest unemployment rates (over 16 %).  We also 

include the regional unemployment rate variable in continuous form as well in an attempt to 

capture the role of local labour market conditions.  These values are available at the relatively 

disaggregated level of the UI administrative region, of which there are about 58.16 

 

5.3  A Specific Application of Adjustment Effects  

There is a specific application pertaining to an explicit and visible policy intervention that 

occurred in the Spring of 2004.  The Federal government faced pressure to award more generous 

UI benefits to ‘gappers’, who are defined as seasonal recipients who exhaust their benefit 

entitlement before the beginning of the next working season.   In response it implemented a ‘pilot 

project’ that granted a five-week extension of benefit entitlement to almost all users in regions with 

unemployment rates exceeding 10 %.17 In light of the government’s publicly stated position that 

this targeted group was not benefitting optimally from the UI program, the degree to which it was 

able to adjust their subsequent UI claims after having experienced a ‘gap’ is a relevant question for 

policy evaluation. 

We search for empirical evidence that they made better use of the UI regime with further 
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exposure to it.  We selected those claim observations for which it was the first ‘gap’ claim of a 

worker (by searching for negative values for SLACKWEEKS and then taking the opposite value), 

and then tracked his/her subsequent three claims.  The parameterization consists of a basic linear 

regression equation whose dependent variable is the magnitude of the ‘gap’.  This equation 

includes binary indicators for these next three claims; the constant term reflects the value of that 

‘gap’ for the first claim.  If there is any reduction in the gap as the worker files additional claims, 

one should see negative signs for those estimated coefficients.  Note that our estimation interval 

pre-dates the intervention, and thus we have no pretensions of evaluating the efficacy of that 

particular policy measure. 

 

 5.4   Regression Results – Identification of Adjustment Effects  

 The regression results for the adjustment patterns are presented in Table 3.  The results for 

the outcome variable EXTRAWEEKS, which claimants have some incentive to minimize, are 

presented in the first column.  The basic structure of the claims profile shows a monotonically 

decreasing pattern as the individual files his/her first, second, third, fourth, and fifth claim, 

indicating a convergence pattern (claim number 5 is the omitted category).   These point estimates 

have a very high level of statistical significance.   

The results for the outcome variable SLACKWEEKS, which claimants also have some 

incentive to minimize, are presented in the second, third, and fourth columns of Table 3.  As 

explained in the appendix, in efforts to address sample selection issues, this dependent variable 

appears in three different versions.  For the version SLACKWEEKS1, negative values are 

replaced with zeroes (this is the case of the ‘gap’ described above).  For the version 

SLACKWEEKS2, negative values are replaced with the corresponding absolute value.  For the 
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version SLACKWEEKS3, the observations with negative values are dropped.  The structure of 

the estimated claims profile is qualitatively very robust to these three variations, and they are fairly 

robust quantitatively as well.  In all three cases, there is a monotonically decreasing, statistically 

significant pattern as the individual files additional claims.   The results for the outcome variable 

WEEKSZERO, which claimants have some incentive to maximize, are presented in the last 

column of Table 3.  The estimated coefficients of the claim sequence number indicators are all 

negative relative to the omitted category (of claim number 5), and therefore successive claims 

indicate higher values for WEEKSZERO, with the exception of the transition between the third 

and the fourth claims.    

In summary of this set of empirical results, there is evidence that UI beneficiaries gradually 

approach more desired values for all three of these claims outcome variables.  Monotonic step 

function patterns are discerned, with each subsequent claim associated with either a decrement or 

an increment in the value of the respective attribute of the UI claim.  The null hypothesis of the 

absence of any patterns regarding the claim sequence number is rejected handily.   

Table 4 contains the regression results for our application of the adjustment effects that 

involves ‘gappers’.  For the sake of brevity, the estimated coefficients of the control variables are 

not listed.  Both of the linear equations were estimated via least squares and include fixed effects.  

The first specification includes only binary indicators for the first, second, and third claims filed 

after the worker experiences a gap.  On average the magnitude of this ‘gap’ for the first claim is 

not quite 7 weeks.  The ‘gap’ for the next claim filed by the worker is approximately 3.6 weeks (7 

minus 3.4), however, falling to approximately 3 weeks (7 minus 4) and 2.4 (7 minus 4.6) weeks for 

the second and third subsequent claims.18  We note that after netting out the individual fixed 

effects, despite the very high level of significance that we obtain for the claims profile, very little 
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of the remaining variation is explained.  The specification on the right side of Table 4 includes the 

control variables, and the estimated pattern across the claims profile remains robust.  Holding the 

control factors constant, the magnitude of the gap falls by 2.2, 1.9, and 1.6 weeks across claim 

numbers 2, 3, and 4, respectively (relative to the baseline of 4.7 weeks (for the initial claim)).   In 

this instance the gains do not have a monotonic structure, however.  We conclude that this ‘gapper’ 

group does tend to make more optimal use as they gain further experience with the UI regime, but 

that their ‘gapper’ status tends to persist.    

 

 5.5  Empirical Strategy For Discerning Individual Learning Effects  

 Our primary estimation tool for the analysis presented above is the empirical profile as 

workers file additional UI claims.  If it exhibits a monotonic pattern, it suggests an adjustment of 

the attributes of a sequence of UI claims to more desirable values, but prima facie one cannot say 

much in regards to the underlying causes.  Some potential contributing factors for which we 

attempt to control include heterogeneity among workers and firms, region-specific effects, or time-

specific effects.  A broad interpretation for the empirical structure of the claims profile is 

adjustment lags in reaching a desired claims attribute that are associated with frictions.  Learning 

effects are one possibility among others underlying such lags.  There are at least two types of 

learning effects at the individual level.  First, there is acquisition of the relevant information 

regarding the UI regime and its interface with the labour market – the ‘awareness’ facet.   Second, 

there is knowledge on how to best apply this information in practice – the ‘learning by doing’ 

facet.  It seems infeasible to distinguish between them empirically, and so we treat them as one 

influence.   

 The strategy that we adopt in order to discern learning effects is a before-after event 
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analysis.  To achieve identification, we seek the occurrence of a major change in the information 

set that the workers possess in regards to the regulations and provisions of the program.  If an 

abrupt (and ideally unexpected) change does occur, all implicated actors must relearn the relevant 

information and recalibrate their choices accordingly.  Major reforms to the UI regime were 

implemented in mid-1994 (bill C-17) and mid-1996 (bill C-12).19  The former significantly 

reduced its generosity by lengthening qualifying periods and shortening maximum benefit periods, 

while the latter changed the qualifying requirements such that they were based on hours worked 

rather than on weeks worked.  While for many users that particular change did not raise the 

threshold for qualifying, the process for attaining eligibility changed a lot, and evaluative research 

has indicated that it did incite major changes to workers’ employment patterns.20 We implicitly 

assume that the political and economic forces which brought about the major change in policy are 

exogenous to the generation of the outcome variables.   

 We exploit the individual nature of the panel around each of the two major events in order 

to discern before-after, within-worker, changes in claims outcomes.  For each event, we identify 

individuals who appear to be tailoring their behaviour to the UI system (i.e. attaining a quasi-

optimal claim) in the period running up to the policy change, and examine how their claims 

outcomes evolve as they file claims in the aftermath.  As a sign of a possible re-optimization 

process, one might expect a pattern of a setback for the first claim filed during the post-reform 

period, followed by an offsetting gain (i.e. a full or partial recovery) for the subsequent post-

reform claim as workers adapt to the new rules.  An advantage of this approach is that we establish 

a chronology with two major changes in program rules, both of which were preceded and followed 

by time periods characterised by relatively stationary conditions.  There were no major 

programming changes in 1993 (regarding laid-off workers) leading up to Bill C-17, nor were there 
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any changes in the post-reform years of 1995 and 1996.  They were no major programming 

changes in 1995 leading up to Bill C-12, nor were there any changes in the post-reform years of 

1997 and 1998.  Another advantage of this approach is that the first-difference operator controls 

for heterogeneity.  The disadvantage of this technique is the flipside of designing a sharp empirical 

approach; the analysis is based on very restricted samples of workers who are frequent users of the 

UI system and who are observed to file claims during fairly narrow windows of observation. 

The dependent variables for the equations are the three outcome variables.  These are linear 

regression equations that include binary indicators for the pre-reform claim and one or two post-

reform claims.  The initial setback effect would be reflected in the difference between the first 

post-reform claim and the pre-reform claim.  Any subsequent recovery effect would be reflected in 

the difference between the first and the second post-reform claims (provided that two of them are 

observed within our fairly brief window).  In order to investigate whether there are significant 

differences between relatively experienced and relatively inexperienced users, we also include a 

binary variable (based on prior claims patterns) demarcating these two groups.  It appears as an 

intercept-shifter, and it is also interacted with the two claims indicators.  Our prior expectation is 

that relatively frequent users might show less of a setback effect immediately after reform, as well 

as perhaps a faster recovery process thereafter. 

 

5.6 Regression Results – Identification of Individual Learning Effects 

Tables 5 and 6 list the regression results for the specifications that are designed to discern 

possible individual learning effects.  For a more concise presentation of these findings, the 

estimates for the control variables are not listed.  Table 5 contains the findings corresponding to 

the first event – the implementation of Bill C-17 in 1994.  The pre-reform sampling window is the 
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year 1993, and the post-reform follow-up window is 1995-1996.  In order to be sampled, workers 

must have filed at least one claim in both periods.  Although we are not deliberately restricting our 

sub-samples to frequent users, by construction most of the workers will be of that type.  For each 

of the three outcome variables, the sample selection criterion is those observations consisting of 

claims commencing in 1993 for which it appears that the subject is making fairly efficient use of 

the system.  In determining these thresholds, there is a tradeoff between the sample size and the 

stringency of what constitutes quasi-optimal use of the UI regime; the more stringent the threshold, 

the greater the optimality of use, but the smaller the sample size.  Taking account of the entire 

histograms for the three outcome variables (not shown), we selected the following thresholds to 

identify efficient users of UI prior to major program changes:  6 or fewer weeks for 

EXTRAWEEKS, 4 or fewer weeks for SLACKWEEKS, and 2 or more weeks for 

WEEKSZERO.  As explained in the appendix, there are three versions for the variable 

SLACKWEEKS.  For this part of our empirical work, we employ the one for which negative 

values are replaced by zeros.   

The linear equations are parametrized such that the first difference in each outcome 

measure is the dependent variable.  They are estimated using robust least squares with clustering 

by individual.  The constant term reflects the difference between the claim filed before the reform 

and the first claim after the reform.  Under the null (alternative) hypothesis of no slippage or 

setback (some slippage or setback), this parameter’s value is zero (positive for EXTRAWEEKS 

and SLACKWEEKS; negative for WEEKSZERO).  The variable POSTREFORM is an 

indicator for the difference between the third and the second claim filed (i.e. the second and the 

first claims filed during the post-reform period).  Under the null hypothesis of no recovery or offset 

as the worker files a second post-reform claim, this parameter’s value is zero.  On the other hand, 
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if there is some recovery - in that the value of the first difference between the second and the third 

claims (both in the post-reform period) is reduced relative to the difference between the first claim 

(pre-reform) and the second claim (the first post-reform) – then this point estimate would be 

negative for EXTRAWEEKS and SLACKWEEKS but positive for WEEKSZERO. 

The indicator for frequent users, labelled HEAVYUSER, assumes a value of unity if the 

subject is on his/her fourth claim (or higher) in the sample selection year of 1993.  If its coefficient 

is negative, there is evidence of a smaller before-after reform setback effect for this particular 

group of claimants.  If the coefficient of the interaction between HEAVYUSER and 

POSTREFORM is negative, then the magnitude of the recovery between the post-reform setback 

and the next post-reform claim is higher for the heavier users.   

The findings pertaining to EXTRAWEEKS are presented in panel A of Table 5.  The 

values in the first column indicate that absent any control variables, the mean of difference in 

EXTRAWEEKS between claim numbers 1 and 2 (pre-reform versus post-reform) is 9.8 weeks, 

and the mean of the difference between claim numbers 2 and 3 declines by 7.5 weeks.  Both point 

estimates are highly significant.  Once the set of controls is included (column 2), the corresponding 

values are 16.2 and - 7.0.  In column 3 the indicator for heavy use is included both as an intercept-

shifter and as the interactive variable.  Whereas the relatively light users register a setback of 13.5 

weeks for their first post-reform claim, the corresponding value for relatively heavy users is 9.1 

(13.5 – 4.4).  The estimated coefficient for the interactive term is insignificant.  These findings are 

very robust to the inclusion of the control variables with the exception of the constant term 

(column 4).  The empirical pattern that we discern is consistent with claimants experiencing a post-

reform setback, and subsequently making a partial recovery that on average still falls short of the 

pre-reform value.      
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The findings pertaining to SLACKWEEKS are presented panel B of Table 5.  The values 

in the first column (with no controls) indicate that the mean of the first difference in 

SLACKWEEKS is 6.2, while the first difference between the two post-reform claims is 2.4 (= 6.2 

– 3.8) weeks.  Once the set of controls is included (column 2), the corresponding estimated means 

are 26.7 and 23.1 weeks, and the point estimate of the deviation is almost identical.  The point 

estimates reported in column 3 show that heavy users experience a setback effect that is on average 

2.9 weeks less than the lighter users, but the estimated coefficient for the interactive term is 

insignificant.  These findings (with the exception of the constant term) are very robust to the 

inclusion of the control variables (column 4).  As was the case with EXTRAWEEKS, the 

empirical patterns that we discern are consistent with the claimants experiencing a post-reform 

reversion, followed by a partial recovery for the next claim.  

Panel C of Table 5 lists the results pertaining to WEEKSZERO, which workers have an 

incentive to maximize.  For the first difference in WEEKSZERO, this translates into a negative 

value for a post-reform setback effect and a positive value for a subsequent improvement.  The 

values in the first column indicate that the mean of difference in WEEKSZERO between claim 

numbers 1 and 2 is minus 3.4 weeks, and the mean of the difference between claim numbers 2 and 

3 is + 3.2 weeks, which almost totally offsets the initial setback.  Both point estimates are highly 

significant.  Once the set of controls is included (column 2), the corresponding values are minus 

7.3 and + 3.0, although the former estimate is insignificant.  Whereas the relatively light users 

register a setback of  4.1 weeks for their first post-reform claim, the corresponding value for 

relatively heavy users is  minus 3.1 weeks ( -4.1 + 1.0) (column 3).  These findings are very robust 

to the inclusion of the control variables with the exception of the constant term, which loses 

significance (column 4).  The estimated coefficient for the interactive term is also insignificant.  
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The interpretation that we suggest for these results is similar to the ones for the results in the prior 

two panels.     

Table 6 contains the findings that correspond to the implementation of Bill C-12 in 1996.  

The pre-reform sampling window is the year 1995, and the post-reform follow-up window is 1997-

1998.   The specifications are analogous to those discussed in the preceding analysis.  The sample 

selection criterion is those observations consisting of claims commencing in 1995 for which it 

appears that the subject is making quasi-optimal use of the system.  The thresholds that we select 

for determining quasi-optimal use are the same as those we applied above.   

The results from these three regression equations are quite similar qualitatively, and 

somewhat similar quantitatively, to the results obtained from our before-after analysis pertaining to 

the earlier reform presented in Table 5, so our discussion of this set of findings is limited to the 

discrepancies relative to that set of findings presented in Table 5.  The results for the outcome 

EXTRAWEEKS, SLACKWEEKS, and WEEKSZERO are presented in the top, middle, and 

bottom panels of Table 6.  In the case of EXTRAWEEKS, the pattern of statistical significance is 

similar, and the estimated magnitude of the setback effect is greater (both including and excluding 

the controls).  In the case of SLACKWEEKS, the precision of the estimates of the setback effect 

is greater when the HEAVYUSER measure is included, but the opposite is true for the estimates 

of HEAVYUSER.  The estimates for the equation involving WEEKSZERO become statistically 

insignificant when the controls are included in columns 2 and 4.   

For all of the equations whose estimates appear in Tables 5 and 6, the estimated impact of 

the initial setback effect is much greater in magnitude when controls are included, while the 

estimate for the offsetting impact remains robust.  This implies that the net effect over all three 

claims is larger when the controls are included, and it is likely that some of the discrepancy can be 
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attributed to falling unemployment rates over both periods.   

 

6.  Summary and Conclusions 

The topic of this paper is the extent to which UI users adjust the features of their claims as 

they file multiple claims.  We focus on three outcome variables that represent specific yet distinct 

attributes of UI claims, investigating the empirical structure of the profiles of those attributes 

through a sequence of claims.  We uncover strong evidence that beneficiaries approach a desired 

value for these particular facets of their UI claims.  There appears to be some process of growing 

sophistication of UI use – which some might label ‘gaming the system’ – reflecting the adjustment 

of claims and the concomitant employment patterns to the provisions and rules of the regime.  An 

interpretation is that workers – particularly those engaged in part-year employment patterns - may 

have an idea of their preferred configuration of working activity (i.e. start-dates, end-dates, interim 

absences) and UI claim features at the onset, but it takes a number of trials before they can shape 

the claims patterns accordingly. 

Employing an event-based analysis based on observed outcomes before and after major 

reforms were applied to the UI regime, we investigate the possible role that individual learning 

effects could be playing in generating this empirical structure of the UI claims profiles.  Our 

findings provide support for the existence of these effects, although their exact nature is unknown.   

 This paper fits into a growing empirical literature, based mostly on between-subject, cross-

sectional analysis, that shows that UI claimants (perhaps jointly with employers) react to UI 

program parameters and provisions by internalizing them into their employment patterns.  These 

studies indicate that repeat users of UI have developed sophisticated use patterns compared to 

those exhibiting less frequent recourse to the regime.  In this paper, we uncover evidence based on 
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within-subject, longitudinal analysis that this phenomenon appears to develop through repeated 

exposure to the UI regime.       

 As far as the policy repercussions are concerned, our findings are consistent with the 

dominant interpretation in the literature on the frequent use of UI, namely that the regime distorts 

labour market outcomes such as the lengths of job spells and labour force participation choices, 

which in turn serve to undermine labour market efficiency.  A dissenting view is that many of 

these part-year workers face rationing on the job market and very unattractive alternative 

employment opportunities.  From that perspective, astute and adept use of the UI program 

provisions is an expected and legitimate by-product of the recipients benefiting as much as 

possible from the regime, and thus raising the welfare of a segment of the labour force that is 

disadvantaged.  The key policy objective would be striking a balance between equity and 

efficiency goals.   

 Further research based on longitudinal data is warranted into how the UI regime affects a 

worker’s employment patterns and UI claims patterns over a multiple-claim horizons.  A challenge 

is to develop other techniques for treating unobserved heterogeneity in employment patterns such 

that one can fully account for the type of UI user in the analysis of how claims patterns evolve 

through repeat use.  It would be very informative if the fixed-effect parameters, which net out the 

impact of the worker-specific (or firm-specific) heterogeneity, could be partially explained.  One 

possible research strategy would be to merge worker-based administrative data with employer-

based survey data so that more detailed information on the firm can be exploited.   
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Appendix 

Further Analysis for the SLACKWEEKS outcome  

For about 26 % of our estimating sample, the value for this outcome is negative, which 

means that the subject exhausts his/her benefit entitlement before he/she resumes working.  This 

usually implies that the worker is rationed on the job market, as he/she has a strong incentive to 

resume working at this point of their working cycle.   Most of them face different labour market 

opportunities than their counterparts having positive values for the SLACKWEEKS outcome, and 

thus selection issues are raised.  The ideal way to handle this is to include them in the sample and 

estimate a specification that is re-parameterised accordingly.  We attempted to estimate a Heckit 

model that explicitly account for the selection of all observations into those who positive values for 

SLACKWEEKS and those with negative values.   In order to achieve identification, we require 

variables that are correlated with the selection of claimants into the group of ‘gappers’, but are 

uncorrelated with the outcome measure SLACKWEEKS.  We attempted a number of variations 

with the set of binary variables giving the ranges for the local unemployment rates.  The 

motivation for this approach is that ‘gappers’ tend to be situated in regions where UI entitlements 

are fairly high, but not as generous as entitlements in the regions with the highest unemployment 

rates, rendering them more susceptible to exhausting their benefits. This empirical strategy proved 

to be infeasible to estimate, as there was insufficient variation for the likelihood functions to 

converge.   

As an alternative strategy, we estimate three different equations for SLACKWEEKS using 

three different versions of that outcome.  First, we assume that all ‘gappers’ face severe rationing 

on the local labour market, and are thus optimizing their use of the UI regime.   The negative 

values for SLACKWEEKS are replaced with a zero value.  Second, we assume that all ‘gappers’ 
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do have some latitude to modify the start-dates and end-dates of their employment spells, and thus 

they are not optimizing their use of the UI regime.  Under this scenario the ‘gappers’ have made an 

error in timing that is symmetric to those who fail to ‘max out the year’.  The negative values for 

SLACKWEEKS are replaced with positive values of the same magnitude.  These two version 

represent two extreme bounding assumptions.  Third, we omit all of those observations for which 

the value of SLACKWEEKS is negative, and estimate the equation from a smaller and selected 

sample.  The robustness of our regression results to these three versions is examined in the text. 

Application of Social Learning Effects to the UI Regime 

The essence of social learning effects consists of social networks facilitating cooperative 

action within groups that are designed to increase an individual member’s benefit.  They are 

typically measured by the observed propensity of an individual to behave in some way that varies 

positively with the prevalence of this behaviour for the group within a spatial unit (Manski, 2000).  

This approach has been applied to social assistance programs (Borjas and Hilton, 1996, Bertrand et 

al., 2000), but it has not been applied much to UI programs.21  The first basic element for the social 

capital approach is contact availability, which refers to how much exposure an individual has to 

the social network of influential peers.  In the context of UI, the relevant group consists of the 

individuals, firms, social service agencies, community organizations, and local governments who 

are present in the local labour market.  The second element is network quality, which refers to the 

usefulness of the information that is transmitted through the network.  In the context of UI, the 

relevant information is mentioned above, and there are also the social mores related to program 

participation. 
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 Table 1 
Descriptive Statistics for the EI outcomes associated with learning effects 

 
EI outcome (mnemonic) Description Descriptive Statistics 
EXTRAWEEKS  Number of insurable weeks 

beyond the minimum required 
for eligibility for benefits  

Mean:  22.5 
Median: 22 
Std. dev.: 13.2 
25th pct.:11 
75th pct.: 35 

SLACKWEEKS  Number of weeks of UI 
benefit entitlement beyond 
the number required to cover 
the yearly cycle of a seasonal 
user  

Mean:  12.6 
Median: 11 
Std. dev.: 11.3 
25th pct.: 0 
75th pct.: 24 

WEEKSZERO  Number of weeks during an 
active EI claim for which the 
payout is zero  

Mean:  6.44 
Median: 2 
Std. dev.: 9.4 
25th pct.: 0 
75th pct.: 9 
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Table 2 

Panel a:  Mean Values of UI Outcomes by Claim Sequence Number – Full Sample 

CSN EXTRAWEEKS SLACKWEEKS WEEKSZERO 

1 

2 

3 

4 

5 

6 

7 

8 

9 

10 + 

27.2 

23.2 

22.1 

21.1 

20.1 

19.3 

18.6 

17.7 

17.2 

17.1 

19.1 

17.8 

17.1 

16.4 

15.7 

15.1 

14.6 

14.1 

14.0 

13.4 

4.8 

5.6 

6.3 

7.1 

7.7 

8.1 

8.3 

8.5 

8.5 

8.7 

Panel b:  Mean Values of UI Outcomes by Claim Sequence Number – Sample Restricted to those 
subjects with 10 or more claims over the sample period 

1 

2 

3 

4 

5 

6 

7 

8 

9 

10 + 

21.2 

16.7 

16.5 

16.7 

16.9 

16.6 

16.5 

16.3 

16.4 

17.1 

15.0 

13.1 

12.7 

13.1 

13.3 

13.1 

13.2 

13.3 

13.5 

13.4 

7.0 

8.0 

8.8 

9.6 

9.9 

10.1 

9.8 

9.8 

9.3 

8.7 
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    TABLE 3       
 Effects of claim sequence number on EI claim attributes - pure adjustment effects   
           
 EXTRAWEEKS SLACKWEEKS 1 SLACKWEEKS 2 SLACKWEEKS 3 WEEKSZERO
 Coef. prob. value Coef. prob. 

value 
Coef. prob. value coef. prob. value Coef. prob

value
           

claim1 10.13 0.00 8.31 0.00 6.15 0.00 7.64 0.00 -0.70 0.00
claim2 4.37 0.00 3.89 0.00 3.38 0.00 4.03 0.00 -0.40 0.00
claim3 2.62 0.00 2.44 0.00 2.33 0.00 2.38 0.00 -0.20 0.00
claim4 1.59 0.00 1.53 0.00 1.60 0.00 1.33 0.00 0.06 0.28

           
Unem.rate -0.08 0.00 -0.05 0.02 -0.13 0.00 -0.05 0.08 -0.03 0.07

Ur0-6 -2.66 0.00 -3.62 0.00 -4.41 0.00 -4.51 0.00 -1.27 0.00
Ur6-7 -2.04 0.00 -3.67 0.00 -4.15 0.00 -4.27 0.00 -1.01 0.00
ur7-8 -1.62 0.00 -3.54 0.00 -3.91 0.00 -3.98 0.00 -1.06 0.00
ur8-9 -0.69 0.02 -2.68 0.00 -3.06 0.00 -3.08 0.00 -0.82 0.00

ur9-10 -0.25 0.34 -2.58 0.00 -2.86 0.00 -2.91 0.00 -0.80 0.00
ur10-11 0.12 0.62 -1.83 0.00 -2.04 0.00 -2.23 0.00 -0.62 0.00
ur11-12 0.26 0.23 -0.92 0.00 -0.96 0.00 -1.34 0.00 -0.33 0.03
ur12-13 -0.14 0.46 -1.18 0.00 -0.84 0.00 -1.28 0.00 -0.26 0.05
ur13-14 0.17 0.33 -0.59 0.00 -0.15 0.28 -0.65 0.00 -0.09 0.47
ur14-15 0.07 0.67 -0.43 0.00 0.07 0.57 -0.40 0.02 -0.16 0.15
ur15-16 0.20 0.19 -0.13 0.31 0.07 0.57 -0.09 0.58 0.20 0.06

           
age25-29 2.25 0.00 1.90 0.00 1.50 0.00 1.84 0.00 0.16 0.03
age30-34 1.63 0.00 1.29 0.00 0.95 0.00 1.20 0.00 0.52 0.00
age35-39 0.57 0.01 0.36 0.04 0.13 0.42 0.37 0.07 0.69 0.00
age40-44 -0.35 0.19 -0.40 0.07 -0.49 0.02 -0.22 0.39 0.76 0.00
age45-49 -1.89 0.00 -1.66 0.00 -1.49 0.00 -1.29 0.00 0.76 0.00
age50-54 -3.57 0.00 -3.00 0.00 -2.44 0.00 -2.37 0.00 0.52 0.06
age55-59 -5.70 0.00 -4.70 0.00 -3.67 0.00 -3.21 0.00 -0.37 0.24
age60-65 -8.14 0.00 -6.70 0.00 -5.17 0.00 -4.50 0.00 -1.82 0.00

           
Nfd -6.73 0.00 -5.28 0.00 -2.72 0.00 -3.30 0.00 -1.19 0.00
Pei -2.93 0.00 -2.71 0.00 -2.20 0.00 -2.35 0.01 0.74 0.21
Ns -3.02 0.00 -2.78 0.00 -2.04 0.00 -2.57 0.00 0.05 0.86
Nb -3.88 0.00 -3.66 0.00 -2.70 0.00 -3.15 0.00 -0.35 0.32
Qc -1.50 0.00 -1.83 0.00 -1.63 0.00 -1.25 0.00 -0.08 0.76
Mn -0.88 0.07 -1.00 0.02 -1.08 0.00 -0.93 0.05 -0.25 0.47
Sk -0.99 0.05 -0.90 0.04 -0.94 0.02 -0.41 0.40 -0.77 0.03
Al -0.55 0.07 -0.90 0.00 -0.64 0.01 -0.85 0.00 0.34 0.10
Bc -0.94 0.00 -1.25 0.00 -0.66 0.00 -0.75 0.01 0.86 0.00

Terr -1.00 0.23 -0.99 0.17 0.56 0.40 -0.15 0.86 0.30 0.61
           

constant 26.20 0.00 18.18 0.00 19.63 0.00 20.58 0.00 8.56 0.00
           

F-stat 263.97  438.60  222.48  184  61.3  
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Notes:  linear equations with fixed effects by worker.  N = 330,995 with 96,190 subjects except for SLACKWEEKS 3.  
All specifications include controls for industry (11 categories), calendar year ( 1980-2003), 

age group (8 categories), province (11 units) and local unemployment rate (11 ranges) 
   

SLACKWEEKS1 is the measure for which all negative values are replaced with zeroes.    
SLACKWEEKS2 is the measure for which all negative values are replaced with their absolute values.   

SLACKWEEKS3 is the measure for which observations with negative values are dropped.    

 
TABLE 4 

Adjustment Patterns for claimants experiencing a 'gap' 
Dept. Variable:  The number of gap weeks for the current EI 
claim 
 
 Excludes controls Includes controls 
 Coef. prob. value Coef. prob. value 
     
second claim -3.39 0.00 -2.23 0.00 
third claim -4.00 0.00 -1.85 0.00 
fourth claim -4.55 0.00 -1.62 0.00 
     
     
constant 6.96 0.02 4.69 0.00 
     
F-stat 5992.02  378.94  
R-sq 0.08  0.23  
     
Notes:  linear equations with fixed effects by worker. 
N = 115,257 with 39,749 subjects   
also includes controls for industry (11 categories), calendar 
year (1980-2003), province (11 units), age group (8 categories), 
regional unemployment rate. 
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TABLE 5 

Impact of 1994 Legislative change on EI outcome variables 
         
   Panel A    

Dependent Variable:  Before-After Change in EXTRAWEEKS 
 no controls controls included no controls controls included 

 Coef. prob. value Coef. prob. Value Coef. prob. Value Coef. prob. value 
         
post-reform -7.47 0.00 -7.02 0.00 -8.65 0.15 -9.88 0.13
heavy user     -4.35 0.00 -4.15 0.01
interaction     1.78 0.77 3.28 0.61
         
constant 9.81 0.00 16.20 0 13.51 0.00 18.38 0.00
         
R squared 0.07  0.158  0.08  0.1656  
F-stat 78.70  6.24  29.82  6.15  
N 1072  1072  1072  1072  
No. clusters 781  781  781  781  
         
   Panel B    

Dependent Variable:  Before-After Change in SLACKWEEKS 
 no controls controls included no controls controls included 
 Coef. prob. value Coef. prob. Value Coef. prob. Value Coef. prob. value 
         
post reform -3.78 0.00 -3.59 0.00 -4.25 0.11 -4.35 0.11
heavy user     -2.93 0.00 -2.96 0.00
interaction     0.98 0.72 1.11 0.69
         
constant 6.22 0.00 26.70 0.00 8.56 0.00 27.96 0.00
         
R squared 0.03  0.11  0.04  0.12  
F-stat 37.94  6.09  17.29  6.28  
N 1534  1534  1534  1534  
No. clusters 1147  1147  1147  1147  
         
   Panel C    

Dependent Variable:  Before-After Change in WEEKSZERO 
 no controls controls included no controls controls included 
 Coef. prob. value Coef. prob. Value Coef. prob. Value Coef. prob. value 
         
post-reform 3.20 0.00 2.96 0.00 3.03 0.00 4.89 0.01
heavy user     1.00 0.04 1.06 0.10
interaction     -0.61 0.73 -2.23 0.23
         
constant -3.39 0.00 -7.32 0.18 -4.14 0 -7.70 0.15
         
R squared 0.01  0.03  0.02  0.031  
F-stat 35.01  1.87  21.26  1.91  
N 2656  2656  2656  2656  
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# clusters 2010  2010  2010  2010  
         
Notes:  LS estimation applied to linear equation with clustering by worker 
estimate of constant term shows before-after change; estimate of 'post-reform' coefficient shows change 
between the two post-reform claims 
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TABLE 6 

Impact of 1996 Legislative change on EI outcome variable EXTRAWEEKS 
         
   Panel A    

Dependent Variable:  Before-After Change in EXTRAWEEKS 
         
 no controls controls included no controls controls included 
 Coef. prob. value Coef. prob. value Coef. prob. value Coef. prob. value 
         

post-reform -11.11 0.00
-

10.75 0.00 -15.14 0.00 
-

14.45 0.00
heavy user     -3.71 0.01 -2.33 0.12
interaction     4.56 0.34 4.04 0.41
         
constant 12.60 0.00 16.78 0.00 15.80 0.00 18.11 0.00
         
R squared 0.17  0.22  0.18  0.22  
F-stat 180.33  7.86  61.74  7.53  
N 1038  1038  1038  1038  
# clusters 700  700  700  700  
         
   Panel B    

Dependent Variable:  Before-After Change in SLACKWEEKS 
         

 no controls controls included no controls controls included 
 Coef. prob. value Coef. prob. value Coef. prob. value Coef. prob. value 
         
post-reform -7.32 0.00 -7.27 0.00 -7.12 0.00 -4.79 0.04
heavy user     -1.28 0.03 -1.08 0.12
interaction     1.05 0.45 -2.45 0.30
         
         
constant 8.65 0.00 13.64 0.02 9.67 0.00 14.24 0.02
         
R squared 0.11  0.13  0.11  0.14  
F-stat 225.64  7.27  118.04  7.24  
N 2104  2104  2104  2104  
# clusters 1458  1458  1458  1458  
         
   Panel C    

Dependent Variable:  Before-After Change in WEEKSZERO 
         
 no controls controls included no controls controls included 
 Coef. prob. value Coef. prob. value Coef. prob. value Coef. prob. value 
         
post-reform 2.94 0.00 3.11 0.00 1.34 0.26 1.37 0.32
heavy user     -0.69 0.22 -0.78 0.24
interaction     1.87 0.15 1.99 0.18
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constant -4.19 0.00 -0.66 0.93 -3.68 0.00 -0.42 0.95
         
R squared 0.11  0.05  0.01  0.05  
F-stat 225.64  2.59  10.51  2.51  
N 2323  2323  2323  2323  
# clusters 1732  1732  1732  1732  
         
Notes:  LS estimation applied to linear equation with clustering by worker   
estimate of constant term shows before-after change; estimate of 'post-reform' coefficient shows change  
between the two post-reform claims       
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Lead footnote:  We gratefully acknowledge funding from the Evaluation Branch of Human Resources and Skills 

Development Canada.  The views expressed in this piece are attributable only to the authors.   We have benefited from 

input from Tom Crossley, Harold Henson, Stephen Jones, and Saul Schwartz.  Thomas Lang provided indispensable 

assistance in processing the data set.   

1 Within Canada the official title of the UI regime is “Employment Insurance”, which is abbreviated EI.  Throughout 

this paper we refer to it by the generic term UI.   

2  A non-exhaustive list features Corak (1993a, 1993b), Lemieux and McLeod (2000), Green and Sargent (1998), Gray 

(2001), Gray and Sweetman (2001), Schwartz et al. (2001), and Corak and Chen (2003). 

3 See Blank and Card (1991), Anderson and Meyer (1997), and McCall (2000) for the USA, and Lemieux and 

Macleod (2000) for Canada 

4 A brief discussion of how social learning effects might be applied to the UI regime appears in the appendix. 

5 To give some idea of the arcane, esoteric nature of the program’s rules and provisions, there is the ‘matrix of EI 

entitlement levels’, the ‘divisor rule’, the ‘small weeks initiative’, the ‘clawback rule’, the ‘allowable earnings’ 

provision, and the ‘renewal’ provision. 

6 Anecdotal evidence going back to the 1970s abounds.  For recent and rigorous scientific evidence based on fully 

representative samples, see Kuhn and Riddell (2010).   

7 The conventional neo-classical model of labour supply choice, involving the income-leisure tradeoff, can be applied 

in this situation.  The working-while-on-claim and the renewal provisions (which typically involve weeks of zero 

benefits) modify the budget constraint such that the worker can reach a higher indifference curve than the 

counterfactual case of one uninterrupted UI claim per cycle.  Grogger et al. (2002) apply that model to an analogous 

provision for social assistance that allows recipients to earn labour income without facing high implicit tax rates.   

8 A number of observations and individuals were dropped from the estimating sample as a result of the merger.  For 

2,333 individuals and 60,481 claims, no corresponding ROE records could be found despite the fact that a non-null 

claim was filed.  These omissions are probably due to administrative coding errors; the missing information might be 

reported in another time period.  Due to other coding anomalies, such as a misclassified administrative region or mis-

reported week in which the claim was initiated, 10 more individuals and 553 claims were dropped.  In the case of 

31,108 claims, no benefits were ever paid; thus these observations (labeled null claims) were dropped.   
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9 Gray and Sweetman (2001) carry out a typology analysis of UI user types that demonstrates that UI use patterns and 

their concomitant employment patterns are much more heterogeneous than the standard dichotomy of occasional 

versus frequent claimants would lead one to believe.   

10 Our sample contains observations for CSN with values as high as 23.  Some of these very high values represent 

reporting anomalies stemming from administrative coding, as normally it is not possible to register more than 1 claim 

per year (with the exception of fishers).  For that reason as well as for presentational convenience, we top-code CSN 

by assigning a value of 10 for any observation greater than 10, which comprises about 7 % of all observations.   This 

re-coding will preserve the rank ordering of individuals.     

11 We note that this restriction does omit younger claimants who might already be heavy users but have not had long 

enough exposure to accumulate 10 (or 8) claims.    

12 Because all three of the dependent variables are count measures, they are limited dependent variables whose 

distributions have clusters at certain points.  To allow for a more flexible specification of the variance of the 

disturbance term, the equations are also estimated using the negative binomial count specification.  Since the 

regression results are qualitatively robust to this change in specification, these results are not shown. 

 

13 The omitted category is the youngest workers aged 18-24.  The included groups are:  25-29 years, 30-34 years, 35-

39 years, 40-44 years, 45-49 years, 50-54 years, 55-59 years, and 60-65 years. 

14 The 12 broad industrial sectors of the economy are agriculture, forestry/fishing/trapping, mining/energy, 

construction, transportation /communications/utilities, manufacturing, trade, finance/insurance/real estate, 

business/personal service, public administration, and unspecified. 

15 They are 0-6 %, 6-7 %, 7-8 %, 8-9 %, 9-10 %, 10-11 %, 11-12 %, 12-13 %, 13-14 %, 14-15 %, 15-16 %, and above 

16 %.   

16  Although by program design the program generosity parameters are quite collinear with the continuous 

unemployment rate variable, there is some margin for independent variation for the continuous local unemployment 

rate variable.  For instance, the local unemployment rate can vary between 0 and 6 % for the least generous area 

without any change in the generosity parameters, and the same applies to the case of any variation above the threshold 

of 16 % unemployment.  Furthermore, the UI generosity parameters are constant within each of the other 10 
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intermediate brackets for the unemployment rates.   

17 The URL for the news release:  http://www.hrsdc.gc.ca/eng/cs/comm/hrsd/news/2004/040511.shtml 

18 For this particular exercise, in the event that the values for the ‘gap’ are negative for the second, third, and fourth 

claims, indicating that the worker has slack weeks of unused entitlement, we assign a value of zero for ‘gap’.   

19 There were three major changes to UI/EI legislation over the early to mid 1990s.   Bill C-113 was passed in 1993; 

the major change was that quitters were disentitled.  There were no changes that applied to laid-off workers.  In 

addition to the change from the weeks-based system to the hours-based system for qualification, Bill C-12 in 1996 

included a total of about 10 other changes to qualifying conditions and benefit calculation periods, which are 

summarized in Gray (2003).  Most of the changes that have been implemented between 1996 and 2003 are ‘pilot 

projects’ that do not amount to significant reform (Gray (2006b)).  

20 e.g. Friesen and Maki (2000), Green and Riddell (2000), Jones (2000), and LaCroix and Van Audenrode (2000) 

21 One exception is Gray (2001), who finds empirical associations between the frequency of UI use and indicators for 

social learning.   


